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Stability Criteria for Neural Networks with Two
Additive Time-varying Delay Components

Qingging Wang, Shouming Zhong

Abstract—This paper is concerned with the stability problem
with two additive time-varying delay components. By choosing one
augmented Lyapunov-Krasovskii functional, using some new zero
equalities, and combining linear matrix inequalities (LMI)
techniques, two new sufficient criteria ensuring the global stability
asymptotic stability of DNNs is obtained. These stability criteria are
present in terms of linear matrix inequalities and can be easily
checked. Finally, some examples are showed to demonstrate the
effectiveness and less conservatism of the proposed method.
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I. INTRODUCTION

N the past few decades, neural networks have found

a way into many engineering and scientific areas such as
model identification, optimization problem and pattern
recognition. The existence of time delay may cause
instability and oscillation of neural networks. Since stability
is an important property to many systems, much effort has
been done to analysis the stability problem of of neural
networks with time delay [1-20].

It is known that, according to dependence on the size of
the delays, the stability criteria for delayed neural networks
can be classified into two types: delay-independent stability
criteria [1-3] and delay-dependent stability criteria [4-25].
Generally speaking, the later one has less conservatism than
the former one, especially when the delay size is small
[23,24]. [26] point out that in some situations, signals
transmissions may experience a few segments of networks.
Since the conditions of networks transmission may be
different, it can possibly induce successive delays with
different properties. In [26] the model of neural networks
with two additive time-varying delays. By constructing a new
Lyapunov functional and using a convex polyhedron method
to estimate the derivative of the Lyapunov functional,some
new delay-dependent stability criteria are derived in [27,28].

In this paper, the problem of stability criteria of neural
networks with two additive time-varying delays has been
investigated. By choosing new Lyapunov-Krasovskii
functional which contains some new integral terms and
establishing some new zero equalities, two new sufficient
criteria ensuring the global stability asymptotic stability of
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DNNs is obtained. Finally, some examples are showed to
demonstrate the effectiveness and less conservatism of the
proposed method.

II. PROBLEM STATEMENT

Consider a class of delay neural networks described by the
following equation:

#(t)=—Ax(t)+Bg(x(t))+Dg(x(t—di(t)—da(t))) + 1

M
where z(t) = [21(t),x2(t),...,2,(t)]T € R"™ is the neuron
state vector. g(x(t)) = [g1(x1(t)), ga(22(t)), -, gn(zn ()]

denotes the neuron activation function, and a constant input
vector u = [ui,pa, .. un)T.A = diag{a;} with
a; > 0,i=1,2,....n. B,D € R"™™ are the connection
weight matrix and the delayed connection weight
matrix,respectively. The following assumptions are adopted
throughout the paper.

Assumption 1: The delay d;(t),d2(t) are time-varying
continuous function and satisfy:

0<dy(t) <dy, di(t) < p, 0<do(t) < dy, da(t) < o

(2)
where di,dy and pq, o are constants.we denote
d(t) = di(t) +da(t),d = dy +do, pp = piy + p2 (3)
Assumption 2: Each neuron activation function g;(-),i =
1,2,...,n,in (1) satisfies the following condition:
0< 9= 1 vh e Rrazs )

a—p

where [;,i = 1,2,...,n are constants,and denote matrix

L = diag{l;}.

Based on Assumption 1-2, it can be easily proven that there
exists one equilibrium point for (1) by Brouwer‘s fixed-point
theorem. Assuming that x* = [21,23,...,25]Tis the
equilibrium point of (1) and using the transformation
z2() = () — a*;system (1) can be converted to the
following system :

A(t)=—Az(t)+Bf(2(t) + D f (2(t—di(t) —da(t))) )

where 2(t) = [21(t), 22(1), ..., 2 (D], f(2(2)) = [f1(21(8)),
fz(zz(;)).,...,fn(zn( DT, Fi(2i()) = galars()+a7)—gu ).
i=1,2,...,

From Eq.(4),f;(-) satisfies the following condition:
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Lemma 1 [29]. For any constant matrix P = PT > 0 and
0 < hy < hgy such that the following integrations are well
defined, then

i /tthzle(s)P;r(s)dS <—( /

t—ho
where h12 = hl — hg.
Lemma 2 [30].Let ¢ € R*,' =TT € R"*", and B € R™*"
such that rank(G) < n. Then, the following statements are
equivalent:

(1) ¢"T¢ <0, G¢ =0, #0,
2) (GHTTG* <o,

t—hy t—h1

x(s)ds)
@)

x(s)ds)TP(/

t—ho

(®)
where G is a right orthogonal complement of G.

III. MAIN RESULTS

In this section,a new Lyapunov functional is constructed
and a less conservative delay-dependent stability criterion is
obtained.

Theorem 1 Given that the Assumption 1-2 hold, the system
(5) is globally asymptotic stability if there exist symmetric

positive definite matrices P, Q;,7 = 1,2,...,7, Gun Gz ,
* G2
R;,j=1,2,...,6,positive diagonal matrices A = diag{\;},
Ty, T,and any symmetric matrix Sq,7 = 1,2,...,n, such that
the following LMIs hold:
rHTart <o ©)
_Rl SZ .
>0, i=1,2 10

¥ g o
(R3S, .

P %RJ>O’ 1=3,4 (11)
R5 SZ .

P %RJ>O’ 1=5,6 (12)
where

I'= [7A On><6n B D}

Qu 0 feo0 B0 O Qs Q)
x Qo 0 0 0 0 0 0 T»L
* * Q33 0 7G12 0 0 0 0
* * * Oyu 0 0 0 0 0
Q=1 * * * * Q55 0 0 0 0
* * * * x* Qg O 0 0
* * * * * x QO 0 0
* * * * * * x Qgg Sgg
| * * * * * * * * Qoo |

Q1 =-PA-AP+ Q1+ Q3+ Qs+ Q5+ Qs + Q7
+ G +diRy+deR3s+dRs — 51 — S3— S5

1 _
— §(R2 + R4 + Ra) + ATRA

R
Q7 = 74 + G2

Mg =PB— AN — ATRB+ T\ L
09 =PD— ATRD
Qog = —(1 — )Q1 + S5 — Se

R
Q33=*Q7*G22+56*76

Qua = —(1—p11)Qs+ S1 — 52

R
*Q4*G11+32*72

®)
ot
ot

I

Qo6 = —(1 — p2)Qs5 + S3 — Sy

R
977:*Q2+G22+S4774

Qss = AB+ BTA+ Qs + BTRB — 2T}
Qso = AD + B'RD
Qgg = —(1 — M)QQ + DTRD — 215

R=d2Ry + d2R4 + d*Rg

Proof: Construct a new class of Lyapunov functional
candidate as follow:

V() = Z Vi(zt)

with

—d 1 (t)
t t
+ ZT(9)Q5Z(S)dS+/ 2T (5)Qez(s)ds
t=da (t) t—ds
- ;
+ [ TEQmas

ORI R e | P
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o gt o .
+/ /+0(z ($)R3z(s) + d2z" (s)Raz(s))ds

ol
+/ (2T (s)Rs2(s) + dzT (s)Re2(s))ds
—dJt+o

Then, taking the time derivative of V' (¢) with respect to ¢ along
the system (5) yield

V(Zt) = Z Vi(zt)

where

Vi(ze) = 227 () P2(t) + 2 Z N fi(zi(8))z: ()

= 2:T(8) P2(t) + 2f7 (2()) As(2)

13)

Vo(z) <27 (4)(Q1+Q3+Qu+Qs5+Qs+Q7)z(t)
+ 1T (2(1)Qaf (2(1) — 2" (t — d1)Qu2(t — dv)
— (1= p)2"(t — d(t)Quz(t — d(t))
— (1= ) fT(2(t = d())Qa2f " (2(t — d(t)))
— (1= p)2" (t — di (1)) Q32(t — da (1))
— (1= pg)z" (t — da(1))Q52(t — da(t))

— ZT(t — d2)Q22(t — dg) — ZT(t — d)Q7Z(t — d)
(14)

Vola) = L(fﬁt )dgr {G*l 1 giﬂ L@Zg )d2>]

S |

(15)

Vi(zt) = 2T (t)(d1 Ry + do Ry + dRs)z(t) + #(t)R:(2)
-], (27 (s)R12(s) + d12(s) Ra2(s))ds

- /t_d (2T (s)Rsz(s) + daz(s)Ry%(s))ds

- /t,d(ZT(S)RSZ(S) + dz(s)Rez(s))ds

(16)
Using Lemma 1, we can obtain that
t
— dl/ ZT(s)%z'(s)ds <
t—dy (17)
7 2
= (a(0) = 2t — )T 2 (2(0) — 2(t — )
t R4
- dg/ Z'T(S)?Z(S)ds <
t—dz (18)

— (alt) — 2(t )" S (a(0) — 2t~ o))

t .T R6.
—d 27 (s)—2(s)ds <
| e (1)% < .
= (2() = 2(t = )T =P (2(t) — 2(t — d))

The following six zero equalities with any symmetric matrix
Sii=1,2,..., 6 are considered:

2T ()S12(t) — 2T (t — di(t))S12(t — dy (1))

‘ T . (20)
—2 z' (8)S12(s) =0
JAPRCEED
ZT(t - dl(t))SQZ(t - dl (t)) - ZT(t - dl)SQZ(t - dl)
Q/tdl(t) T(5)S92(s) =0
- - 2" (8)S22(s) =
21
2T(1)S32(t) — 27 (t — da(t))S32(t — da(t))
! T . (22)
-2 2z (8)S32(s) =0
JCLEC
ZT(t — dz(t))S4Z(t — dQ(t)) — ZT(t — dg)S4Z(t — d2)
2 [ o 9)5as) = 0
- /tidz 21 (8)S42(s) =
(23)
2T(1)Ss52(t) — 27 (t — d(t))Ss2(t — d(t))
t (24)
-2 2T(8)S52(s) =0
JAPRRCLEE
2Tt —d(t))Sez(t — d(t)) — 2T (t — d)Sgz(t — d)
t—d(t) . L (25)
—Z/t_d 2" (8)Sez(s) =0

From (6), we can get that there exist positive diagonal matrices
Ty,T5, such that the following inequalities holds:

=21 (2(O)Tf (2(1) + 22T (OTLLF(2(1)) > 0 (26)
=2fT(2(t — d(t))To f (2(t — d(t)))

+227(t — d(t)) ToLf (2(t — d(t))) > 0

From (13)-(27),we can obtain that

27

vepsetonso- [ BET [0 5[]

t—d, (t)

o [ )

t—dq(t)
o L
z

(28)
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where
() = [7(1), 2 (t = d(t)), 2" (t — d), 2" (t — di (1)),
2t —di), 2" (t = da(1), 27 (t = da), f7 (2(1)),
Fr(t = d)))”
By Lemma 2, £7(+)Q€(t) < 0 with T¢(¢) = 0 is equivalent
to (IH)TOQTL < 0.Therefore, if LMIs (9)-(12) hold, we can

obtain V(zt) < 0. then the neural networks (5) is
asymptotically stable. This completes the proof. |

Remark 1 Theorem 1 require the upper bound pi, s of
time-delay d;(t),d2(t) to be known. if g, o is unknown,
by setting @1 = Q2 = Q3 = Q5 = 0 in Vi(z) and
employing same methods in Theorem 1, we can derive the
delay-dependent and delay-derivative-dependent stability
criteria.

Remark 2 It is noted that a novel term V4(z;) is included in
the Lyapunov functional V(z;), which plays an important
role in reducing conservativeness of our results.

Theorem 2 Given that the Assumption 1-2 hold, the system
(5) is globally asymptotic stability if there exist symmetric
Gu g;z JRjj=1,2,...,6,
P, Q4,Qs, Q7,positive diagonal matrices A = diag{\;}, 11,

positive definite matrices

Ts,and any symmetric matrix Sq1,7 = 1,2,...,n, such that

the following LMIs hold:

rHTert <o (29)
Ry S .

P %RJ>0’ i=1,2 30)
[R5 S .

P %ZRJ>O’ 1=3,4 (31)
Rs  S; .

P gRJ>0, i=5,6 (32)

where

[, 0 f 0 B 0 @y; 15 Py
* CI)QQ 0 0 0 0 0 0 TQL
* * <I)33 0 7G12 0 0 0 0
* * * Dy 0 0 0 0 0
=1 % * * * D5 0 0 0 0
* * * * * Pgs O 0 0
* * * * * x O 0 0
* * * * * * x  Pgg DPgg
| * * * * * * * * <I>99_

®11=—PA-AP+ Qs+ Qs+ Q7+ G11 +di Ry
+ doR3 + dRs — 51 —Sg—Sg,—'—ATRA

1
— §(R2 + Ry + RG)

- % +Ghy, O1g=PB— AN —ATRB+T\L

TABLE 1
ADMISSIBLE UPPER BOUND d2 FOR DIFFERENT d1 WITH p1 = 0.7 AND
H2 = 0.1.
Method d1 =0.8 dy =1 dp =12
[26] 0.8831 0.6832 0.4843
[27] 1.5666 1.3668 1.1664
[31] 0.8831 0.6831 0.4831
Theorem 1 2.0214 1.9275 1.7816
TABLE II
ADMISSIBLE UPPER BOUND dj FOR DIFFERENT d2 WITH 1 = 0.7 AND
p2 = 0.1
Method do = 0.8 do =1 do =1.2
[26] 2.1564 1.6464 1.4365
[27] 2.6928 2.2389 2.0639
[31] 1.5831 1.4831 1.3831
Theorem 1 3.0768 2.9013 2.5612

B9 = PD — ATRD, ®yy = S5 — S

R
®33:_Q7_G22+SG_?67 Dy =51 — 52

R
¢55:*Q4*G11+52*72, Pgg = 53 — Sy

R
@77=—Q2+ng+54—74

Oy = AB+ BTA+Q, + BTRB — 2T}
Bg9g = AD + BTRD, &gy = DTRD — 2T)

R=d2Ry + d2R4 + d*Rg

Proof: The proof of the Theorem 2 is consequence of
Theorem 1 by choosing @1 = Q2 = Q3 = Q5 = 0 in V (z).
Hence the proof is omitted. |

IV. EXAMPLE

In this section,we provide a numerical examples to
demonstrate the effectiveness and less conservatism of our
delay-dependent stability criteria.

Example 1 Consider the system (5) with the following
parameters:

2 0 11 0.88 1
A=l ofm= [ A= ]

f1(s) = 0.4tanh(s), fo(s) = 0.8 tanh(s), L = diag{0.4,0.8}.

According to Table I and Table II,we can see that Theorem 1
in our paper can indeed provide much larger admissible upper
bounds than the stability criteria in [26,27,31]. In Table III,
we consider the other case with different dy, unknown 1, o,
according to this Table,we can see this example shows that
the stability condition gives much less conservative results in
this paper.
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TABLE III
ADMISSIBLE UPPER BOUND d1 FOR DIFFERENT do WITH UNKNOWN
M1, f2.
Method da = 0.8 do =1 do =12
Theorem 2 2.3147 2.02160 1.9856

V. CONCLUSION

In this paper, the problem of stability analysis for delayed
neural networks with two additive time-varying delay
components has been investigated. By choosing new
Lyapunov-Krasovskii functional, using some new zero
equalities, and combining linear matrix inequalities (LMI)
techniques, two new sufficient criteria ensuring the global
stability asymptotic stability of DNNs is obtained. Finally,
some examples are given to show the effectiveness of our
obtained criteria.
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