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Global exponential stability of impulsive BAM
fuzzy cellular neural networks with time delays in
the leakage terms

Liping Zhang and Kelin Li

Abstract—In this paper, a class of impulsive BAM fuzzy cellular
neural networks with time delays in the leakage terms is formulated
and investigated. By establishing a delay differential inequality and
M -matrix theory, some sufficient conditions ensuring the existence,
uniqueness and global exponential stability of equilibrium point for
impulsive BAM fuzzy cellular neural networks with time delays in
the leakage terms are obtained. In particular, a precise estimate of
the exponential convergence rate is also provided, which depends
on system parameters and impulsive perturbation intention. It is
believed that these results are significant and useful for the design
and applications of BAM fuzzy cellular neural networks. An example
is given to show the effectiveness of the results obtained here.

Keywords—global exponential stability; Bidirectional associative
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I. INTRODUCTION

N mathematical modelling of real world problems, we

encounter inconveniences, namely, the complexity and the
uncertainty or vagueness. In order to take vagueness into
consideration, fuzzy theory is considered as a suitable setting.
Based on traditional CNN, Yang et al. proposed the fuzzy
cellular neural networks (FCNN) [1], [2], which integrates
fuzzy logic into the structure of the traditional CNN and
maintains local connectedness among cells. Unlike previous
CNN structures, FCNN has fuzzy logic between its template
input and/or output besides the sum of product operation.
FCNN is very useful paradigm for image processing prob-
lems (e.g., see, [12], [13]), which is a cornerstone in image
processing and pattern recognition. In such applications, the
stability of networks plays an important role, it is significant
and necessary to investigate the stability. It is well known, in
both biological and artificial neural networks, that the delays
arise because of the processing of information. Time delays
may lead to oscillation, divergence, or instability which may
be harmful to a system. Therefore, study of neural dynamics
with consideration of the delayed problem becomes extremely
important to manufacture high quality neural networks. In
recent years, there have been many analytical results for
FCNNs with various axonal signal transmission delays, for
example, see [3]-[13] and references therein. However, except
various axonal signal transmission delays, time delay in the
leakage term also has great impact on the dynamics of neural
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networks. As pointed out by Gopalsamy [14], [15], time
delay in the stabilizing negative feedback term has a tendency
to destabilize a system. Recently, some authors have paid
attention to stability analysis of neural networks with time
delays in the leakage (or*“forgetting”) terms [14]-[20].

On the other hand, in respect of the complexity, besides
delay effect, impulsive effect likewise exists in a wide variety
of evolutionary processes in which states are changed abruptly
at certain moments of time, involving such fields as economics,
mechanics, medicine and biology, electronics and telecommu-
nications, etc. Many interesting results on impulsive effect
have been gained, e.g., Refs. [31]-[40]. As artificial electronic
systems, neural networks such as CNN, bidirectional neural
networks and recurrent neural networks often are subject to
impulsive perturbations which can affect dynamical behaviors
of the system just as time delays. Therefore, it is necessary to
consider both impulsive effect and delay effect on the stability
of neural networks.

The bidirectional associative memory (BAM) neural net-
work models were first introduced by Kosko [21]-[23]. It is a
special class of recurrent neural networks that can store bipolar
vector pairs. The BAM neural network is composed of neurons
arranged in two layers, the X-layer and Y-layer. The neurons
in one layer are fully interconnected to the neurons in the other
layer. Through iterations of forward and backward information
flows between the two layers, it performs a two-way asso-
ciative search for stored bipolar vector pairs and generalizes
the single-layer autoassociative Hebbian correlation to a two-
layer pattern-matched heteroassociative circuits. Therefore,
this class of networks possesses good application prospects
in some fields such as pattern recognition, signal and image
processing, artificial intelligence. Many researchers have done
extensive works on this subject due to their comprehensive
applications [24]-[30]. To the best of our knowledge, few
authors have considered impulsive BAM fuzzy cellular neural
networks with time delays in the leakage terms.

Motivated by the above discussions, by dint of the idea
of BAM neural networks, the objective of this paper is to
formulate and study impulsive BAM fuzzy cellular neural
networks with time delays in the leakage terms. Under quite
general conditions, by establishing a delay differential inequal-
ity and M-matrix theory, some sufficient conditions ensuring
the existence, uniqueness and global exponential stability of
equilibrium point for impulsive BAM fuzzy cellular neural
networks with time delays in the leakage terms are obtained.

The paper is organized as follows. In Section II, the
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new neural network model is formulated, and the necessary
knowledge is provided. The main results and their proofs are
presented in Section III. In Section IV, an example is given to
show the effectiveness of the results obtained here. Finally, in
Section V we give the conclusion.

II. MODEL DESCRIPTION AND PRELIMINARIES

In this section, we will consider the model of impulsive
BAM fuzzy cellular neural networks with time-varying de-
lays, it is described by the following functional differential
equations

(1) = ~ouri(t =) + 3% 000,00 + 35 g
+/,\ g5 (y; (t = 735(t)))
+J\_/ ai95 (y; (¢ — 735(¢)))
+ A Tyw; + \/ Hijjwi + I, >0, t#1t,
x;(tT) _;Z(l )+Plk(wz( 7)), t=tg, keN,
Y (t) = —bjy;(t — 6;) + Enl bji fi(xi(t)) + él bji i
+ Z\l Bjifi(wi(t — 0ji(t)))
+ V Byfilailt = 03i)
+ /\ Jil; + V i+ Jj, >0, t#t,
U ) = g(t) + Quls), t=te, KEN "
forie s £{1,2,---,n}, j € _# £ {1,2,---,m}, where
N £ {1,2,---}, ;(t) and y;(t) are the states of the ith neuron

and the jth neuron at time ¢, respectively; 6; > 0 and 6; > 0
denote the leakage delays, respectively; f; and g; denote the
signal functions of the ith neuron and the jth neuron at time ¢,
respectively; w; and w; denote inputs of the ith neuron and the
jth neuron at the time ¢, respectively; and I; and J; denote bias
of the ith neuron and the jth neuron at the time ¢, respectlvely,
a; > 0,b; > 0, a4, a5, oj, &j, bji, ﬂ,ﬁﬂ,ﬁﬂ are constants,
a; and b represent the rates with which the ith neuron and
the jth neuron will reset their potential to the resting state in
isolation when disconnected from the networks and external
inputs, respectively; a;;,b;; and a;j;,b;; denote connection
weights of feedback template and feedforward template, re-
spectively; a;, B; and d&;j, 3;; denote connection weights of
the delays fuzzy feedback MIN template and the delays fuzzy
feedback MAX template, respectively; ﬂj,Tji and Hjj, H i
are elements of fuzzy feedforward MIN template and fuzzy
feedforward MAX template, respectively; A and \/ denote
the fuzzy AND and fuzzy OR operations, respectively; 7;;(t)
(0 < Tij(t) < Ti]') and O'ji(t) (O < O'ji(t) < O']'i) correspond
to the transmission delays at time ¢, respectively; ¢ is called
the impulsive moment, and satisfies 0 < ;3 < to < ---,

lim tx = +o0; z;(t; ) and z;(t{") denote the left-hand and

k——+o00

right-hand limits at ¢, respectively; Pj, and Q;, show the
impulsive perturbations of the ¢th neuron and jth neuron at

time ¢, respectively. We always assume x;(t;) = z;(t4) and
yi(t) = y;(te), k€ N.
The initial conditions are given by

{ zi(s) = ¢i(s), —T<t<0, @)
yi(s) = @j(s), —o<t<0,
where 7 =  max  {m;},0 = _ max {0y}, and

1<i<n, 1<j<m 1<i<n,1<5<m
¢i(s) and @;(s) (i € #,j € _#) are continuous on [—, 0]
and [—a, 0], respectively.
If the impulsive operators P (x;) = 0, Q;x(y;) = 0,1 €
J,j € Z,k € N, then system (1) may reduce to the
following model

@i (t) = —a;zi(t — ;) + iaijgj(yj(t)) * ‘72::1& “
—7ij (1))

7i5(1)))

+ /\ ijg;(y;(t

j_

+ ‘V ai g5 (5 (t —

j=1

+ .7\1Tijwj+ \W/l Hijwj—t-li, t>0, €7,
A

9;(t) = —bjy;(t — 0;) + Z bjifi(wi(t)) + é bjith;

+£\ Bjifili(t — 05i(1)))

+V Bafulailt - op(6)

+ é\lTJw + '('/lfirﬁwﬁjj, t>0, je 7.
) - (3)

System (3) is called the continuous system of model (1).

Throughout this paper, we make the following assumptions:
(H1) For neuron activation functions f; and g; (¢ € &, j €
J), there exist two positive diagonal matrices F' =

diag(Fy, Fs,---,F,) and G = diag(G1,Ga,---,Gpn)

such that

F = sup | £ — £iW) ' G — sup g5 (x) —gj(y)’
z#Yy r—Yy Ay r—y

for all z,y € R (z # y). -
(H2) Let Py(x) =« + P(x) and Qk(y) = y + Q(y), where

Ek(l’) = (le(‘rl)7 PiQk(-TQ)v te Pnk(-rn))Ty
Q@) = (Que(y1), Q2r(y2), -+, Qukc(Ym)) ™
Pk:(x) - (Plkf(‘rl)’ PQk:(-TQ)a t 7Pnk(ln))T7
Qk(y) = (Qlk:(y1)7 sz(yz), Ty ka(ym))T-

For k € N there exist nonnegative diagnose ma-

trices Iy = diag(yig, Y2k, *,Ynk) and Tp =
diag(Y1k; Y2k, - - - » Ymik) such that
P, 2
| P = Pat)|
T#Y r—y
5 ) O
| @)=
zEY r—=y

forallz,y € R (z#vy),i€ F,j€ #,keN.

To begin with, we introduce some notation and recall some
basic definitions.
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PC[J,R" 2 {2(t) : J — R'| 2(t) is continuous at ¢ # t,
2(tf) = 2(tx), and 2(t;,) exists for ¢, ¢, € J, k € N}, where
J C R is an interval.

£ {¢ : [-1,0] = R™ ¢(sT) = ¢(s) for s €
[-7,0), ¢(s7) exists for s € (—7,0], ¢(s7) = ¢(s) for
all but at most a finite number of points s € (—7,0]}.

PC, 2 {¢ : [-0,0] — R™| ¢(st) = o(s) for
s € [-0,0), p(s7) exists for s € (—0,0], ©(s7) = @(s)
for all but at most a finite number of points s € (—7,0]}.

For an m x n matrix A, |A| denotes the absolute value
matrix given by |A| = (|aij|)mxn. For A = (aij)mxn, B =
(bij)mxn € R™*", A> B (A > B) means that each pair of
corresponding elements of A and B such that the inequality
aij 2 bij (aij > bij).

Definition 1: A function (z(t), (y(¥))T (v : [-7,+0) —
R" y : [-0,+00) — R™) is said to be the solution of
impulsive system (1) with the initial condition (2), if the
following two conditions are satisfied:

(i) (z,y)T is piecewise continuous with first kind disconti-
nuity at the points 3, k € N. Moreover, (x,%)7 is right
continuous at each discontinuity point.

(i) (x,y)T satisfies system (1) for t > 0, and z(t) =
6(1) (¢ € [,0]), y(t) = (1) (t € [0,0]).

Especially, a point (z*,y*)T (v* € R",y* € R™) is called an
equilibrium point of system (1), if (z(t), y(t))T = (z*,y*)T
is a solution of system (1).

Throughout this paper, we always assume that the impulsive

operators Py, and Q. satisfy (referring to [27]-[40])

Py(z*) =0 and Qr(y*) =0, k€N,

ie.,
Pp(z*) =" and Qr(y") =y,
where (2*,y*)7 is the equilibrium point of continuous systems
(3). That is, if (z*,y*)7 is an equilibrium point of continuous

system (3), then (2*,y*)7 is also the equilibrium point of
impulsive system (1).

ke N, “)

Definition 2: The equilibrium point (z*,3*)” of system
(1) is said to be globally exponentially stable, if there exist
constants A > 0 and M > 1 such that

n
> lzi(t) - L|+Z\yy — 4l
i=1

< M(||¢—a ||+Hs0—y e

for all t > 0, where (z1(t), -, n(t),y1(t), -, ym (1) is

any solution of system (1) with the initial condition (2), * =

(x5, 29T, v = (yf, o ys)T, b = 7(1¢1’.4.’¢n)T,

¢ =(p1, om)" and [|p—a*[| = sup 37 |¢i(t) — 7],
—7<t<04=1

e —y*|| = sup_ Z I (t) — il
—o<t<
Definition 3: A real matrix D = (d;;)nxn is said to be a
nonsingular M-matrix if di; < 0, 4,5 = 1,2,---,n, i # j,
and all successive principal minors of D are positive.

Lemma 1: [41] Let D = (d;j)nxn with di; < 0(i # j),
then the following statements are true:

(i) D is a nonsingular M -matrix if and only if D is inverse-
positive; that is, D~! exists and D~! is a nonnegative
matrix.

(i) D is a nonsingular M-matrix if and only if there exists a
positive vector £ = (£1,&,-++,&,)T such that D¢ > 0.

Lemma 2: [2] For any positive integer [, let h; : R — R
be a function (j = 1,2,---,1), then we have

‘ /l\ ajhj(z) — /l\ Oéjh](gj)‘ < i )0@“ . ‘hj(zj) —h;(Z))

! l 1
‘ \ aihj(z) = \/ ajhg(fj)‘ <> ‘%" : ‘hj(zg) - hj(fj)‘
j=1 j=1 j=1
for all @ = (a1,a9, -, )T, 2 = (21,20, -, 2)7, 2 =
(21,%2,--+,2)T € R

III. MAIN RESULTS

In this section, we will discuss the existence and global
exponential stability of the equilibrium point of impulsive
BAM fuzzy cellular neural networks with time delays in the
leakage terms, and give their proofs. In order to prove our
main result, we need the following lemma.

Lemma 3: Let a < b < +oo, and u(t) =
(ur(t),ua(t), -, u,(t)T € PClla,b),R"] and v(t) =
(01 (), v2(t), -, vm(t)T € PCl[a,b), R™] satisfy the fol-
lowing delay differential inequalities with the initial conditions
u(a+s) € PC; and v(a + s) € PCy:

Dtu(t) < —rui(t —6;) + 3 pijuy(t)
j=1

+ g:l a5 (t — 7i5(1)),
D+'Uj(t) S 77"]7}](7‘ - ) i ]lul( )

n

+ 2 Giwi(t — o), j €S,

1€ 7,
(5)

=1
where r; > 0, p;; >0, ¢;; >0,7; >0, p;; >0,¢;; >0,¢€
S, j € #. If the initial conditions satisfy

u(s) < kEe A=), s € [-7,0], (6)
v(s) < wme A=), s € [—0,0],
in which A > 0, £ = (£,&,-,6)T > 0 and =
(7717 n2, -, nm)T > 0 SatiSfy
(A —rie?)g; + Z (pij + qijei)n,; <0, i€ .7,
()\_T] )n]+2(p]l+QJ1 1)£7,<0, ‘]G(f
(7
Then
u(t) < kEe M=)t € [—a,b),
v(t) < kpe N9t € [—a,b)
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Proof. For i € .%, j € ¢ and arbitrary ¢ > 0, set z(t) £
(rk+e)&e 70 25(t) £ (k + e)ne (=)
ui(t) < zi(t) = (v +e)&e 279, tefab), i€S,
vi(t) < Z(t) = (5 +e)ne 7, t € [a,0),

je f.
(®)

If this is not true, no loss of generality, suppose that there exist
ip and t* € [a,b) such that

Usg (t*) = Zig (t*)v D+ui0 (t*) > Zio (t*)7

ui(t) < z(t), v;(t) <z(t), telfat?] (9)
forie S, jec 7.

However, from (5) and (8), we get

—dig) + ijiovj (t
+ Z Gjio v (t

—Tig (“i + E)fine

D+ui0 (t*) S —Tio Ui (t

= Tjip (1))

A(t* =51y —a)

IN

+> piignj (k4 &)nie M)

j=1
m

+ Y Gig (k4 e)pye M a0 ()7
j=1
= [ — e + i(pjio + qjioe/\TjiU(t*))’r]j}
j=1

x(k + s)efk(t*fa)

[ — rig€0 &, + Z(pjio + jip€ % )Uj]
j=1

X(k +e)e M=),

IN

Since (7) holds, it follows that —r; e

o0& + 3 (iio +
i=
Qjioe ™0 )n; < —AE;, < 0. Therefore, we have
Dty (%) < =N, (5 +€)e ™7 = 2, (%),
which contradicts the inequality DV u;, (£*) > 2;, (%) in (9).
Thus (8) holds for all ¢ € [a,b). Letting € — 0, we have
ui(t) < kEe M0t eab), i€ S
v;(t) < kmje Y teah), jeE L.

The proof is completed.

Theorem 1: Under assumptions (H1) and (H2), if the fol-
lowing conditions hold:

(C1) there exist constant A > (0 and vectors & =

(517627""7§R)T > Oan = (Ulﬂhv"‘ﬂ)m)T > 0 such
that

0> (/\ — 7’2‘(3)\61)&
m
+ 3 [lagl + (o] + laghe™ |G,
p2
0> (/\ — 7_’]‘6)‘61 )17]'

+ Z}l [|bji| + (185il + |5ji|)exaji]Fi£i

) i forie ¥, je £,
., we prove that (C2) 4 = sup . In 11y,
keN

2517-9934
No:1, 2010

k—lk—1

} < A, where pu =
lgiglﬁ?éjgm{l,%ka’m:h ke N;

then system (1) has exactly one globally exponentially stable
equilibrium point, and its exponential convergence rate ap-
proximatively equals A\ — .

Proof. By M-matrix theory ([41]), Condition (C1) can guaran-
tee that system (1) has exactly an equilibrium point (in detail,
see, [10]). Let (z*,y*)T be an equilibrium point of system
(), (z(t),y(t))T is an arbitrary solution of system (1). Now
let u;(t) = z;(t) —a},i € I, v;(t) = y;(t) —yj,j € 7.
It is easy to see that system (1) can be transformed into the
following system:

m

w;(t) = —a;u(t — ;) + ; aij(9;(v;i(t) +y5) — 9;(¥7))
+ Z\1 g5 (v (t — 7i;(8) + y5) — /} @ijg5(y;)
+ ,\Z g5 (v (t = 7i; (8) + y5) — .\Z aij95(y5),
L0, t#t,
ui(ty) = P (ui(ty,)), keN
05 () = —bju;(t — 0;) + ;bjz‘(fi(ui(t) +x7) = fi(z}))
+ A Bt = o) + 20 - A Buster)
+ VBt = o) + 1) = V Brufiler),
20, t#£h, -
vi(tf) = Qjr(vi(ty)), k€N,
. _ _ N (10)
where Pig(ui(t)) = P (ui(t) +z7) — Pip(x}), Qjr(vi(t)) =

Qjr(v;(t) +yF) —

{ u(s) = p(s) = x(s) -
P(s) = y(s) —y"

Qjx(y}), and initial conditions of (10) are

z* :QS(S)_I*? s € [_7_70]7
99(8) - y*v s € [_Uv 0]

(11)
From (H1) and Lemma 2, we calculate the upper right deriva-
tive along the solutions of first equation equation of (10), we
can obtain

D* (1)
= san(u() Mo

= sgn(ui(t)){ — aju;(t — 6;)

3o a0 + ) - 0,05)]

<.

>3£

_|_

05505t = 75(0) + ) = \ gy 0 )
Jj=1

<.
Il
—

m

=V duai)]}

@ijgi(vi(t —7i;(t) + ;)

<
Il
—_

+
'<s

—ailus(t = 80)| + 3 L[y 0) + ) = 05(0))

IN
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+‘ /\ ijg; (v (t — 7i;(¢ +yj /\ Qij9; yg
j=1

m m
JF‘ \/ Qijgi (v (t —7i5(t +y] \/ Qijg; yg ‘
i=1 j=1
m

)l + Z laij|Glv;(t)

IN

—a;|u;(t =9

+Z |aij|Glv; (t = 735(1))]
JFZ |G| Gilvs (t — 735(1))]
= —aifui(t = 6)| + ) lay|Gylv; ()]
j=1
+ ) (eis| + [ NGyl (¢ = 73 (8))] (12)
j=1

By the same way, we calculate the upper right derivative along
the solutions of third equation equation of (10), we can obtain

0;)] + Z |bji[ui(t)

+Z(WM + 185l Filua(t
j=i
From (12) and (13), we have

D¥foi(t)] < —bjluy(t

—05i(1))]- (13)

DHus(0)] < —aglu(t - 3] +; iy G o5 (1)
+§ (o] + a5 NGy (¢ — 75 (1)), i € 7,
DHuy (0] < ~byloy(t = 05)|+ 3= oyl Eu()
+i4§(|ﬂji\ +1Bjil) Filui(t — ojs(h)l, j€ 7.

Let ui(t) = |w(), v;(t) = |(@),ri = ai,pij =
laij |Gy, qij = (levij| 4+ )Gy, 75 = by, Py = [bjil Fi, @i =
(18] + |ﬂﬂ\) 3 (1€ S, j€ ), then we have
Dt (t) < —rju;(t — ;) + Z Pijv;(t)
j=1

m
+ 2 aijvi(t —75(t), i€,

Jj=1 (14)

n

D;(t) < —7ju(t — 0;) + - pjiua(t)
i=1
+Z gjivi(t — 0ji(t)), j€ 7,
and from (C1), there exist vectors £ = (&1,&2,--+,&,)T >

=1
0,7 = (11,72, ,Mm)T > 0 and positive number A > 0 such
that

(A= 7"1'6)‘6’7)& + 21 [pij + qije)‘T"'j}Gjnj <0, ie s,
j=

(A — Fjemj)nj + 21 [ﬁjz + qjieknyi}Fiéi <0. je 7.
. (15)

\|<15H+HsaH

Taking k = e it is easy to prove that
1<z<n. 1<J<, ©
u(t) < kEe™™M, —7 <t <0=ty, (16)
v(t) < ke, —o<t<0=t.
From Lemma 3, we obtain that
u(t) < w€e M to <t <ty
e (17)
v(t) < kne~ M, to <t <t
Suppose that for | < k, the inequalities
u(t) < kpopa - pu—1&e M, ti1 <t <ty (18)
v(t) < Kpop - pu—1ne M, tior <t <t
hold, where pp = 1. When [ = k + 1, we note that
u(ty) = [Bi(u(ty)] < Tru(ty)
< Kpopr - pp—1TpE lim e
t—t,
< Rpopa - -1 pr€e N, (19)
and
o(ty) = [Qu(v(ty)) < Tro(ty)
< Kpopt - pp—1Llpn lim e
t—t,
< Rpop e -1 prme N (20)
From (19), (20) and u; > 1, we have
u(t) < Kpopr -+ pre—1 ke N —r <t <ty,
o(t) < Kpopn -+ - pr—1pme N, —o <t <ty
(21)
Combining (14), (15), (21) and Lemma 3, we obtain that
u(t) < Kpop - - prée ™ te <t <lpq1, (22)
o(t) < Kpopa - - prme™ M, by <t <tpqa.

Applying the mathematical induction, we can obtain the fol-
lowing inequalities

u(t) S Koy -+ Mk§€7At7 te [tkytk+l)7 k € N7
o(t) < kpopn - pme™™, € [t try1), k€N,
(23)

According to (C2), we have py, < ettr—ti—1) < Alb—ti—1),
it follows that

u(t) < Heutleﬂ(tz—tl)..

_ Iﬁ}f@'utk*lei/\t < Ké-ef(/\fu)t7

. eﬂ(tk—l—tk—Q)ge_At

te [tk—lvtk‘)7

o(t) < kettienltamh) L pn(toi—tiz) o= At

= gEeMr1emM < gpe AWt [tre—1,tk)
for k € N. That is
u(t) < kEe= A=t te[-rtk), k€N, (24)
o(t) < ke~ te[—o,ty), keEN.
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It follows that

n

D li(t)

i=1

x|+ Z ly;(£)
= Zui(t) + Zvj(t)

Z kEe~Amt 4 Z ,mje—(/\—u)t

<
i=1 =
Z?lgi“!‘zmlnj _ ) o

N = U+ llplhem O
1<1<n 1<j< i> 15

T {2 (16 -1 + o = y* e,
1<i<n s <m0

Let M = =282 hen we have

min {&m;}?

1<i<n,1<j<m

POREHES SIMOE

< M(llo—a"ll +llp -yl ) e~ O,

The proof is completed.

Remark 1: In Theorem 1, the parameters y; and ;o depend
on the impulsive perturbation of system (1), and A is actually
an estimate of the exponential convergence rate of continuous
system (3), which depends on delays and system parameters.
Condition (C2) shows the fact that the exponential stability
of system (1) still remains when the impulsive perturbation
intensity p € [0, \). Thus, Theorem 1 actually characterizes
the robustness of stability for the impulsive BAM fuzzy
cellular neural networks (1).

Remark 2: In order to obtain more precise estimate of the
exponential convergence rate of system (1) (or system (3)), we
suggest the following optimization problem

max A,
(OP) { s.t. (C1) holds.

Henceforth, A denotes the optimal solution of this optimization
problem.

Corollary 1: Under assumptions (H1) and (H2), if the fol-
lowing conditions hold:

(C1’) there exist constant A > 0 and vectors & =
(&1,60,--+,&)" > 0, = (2, -+, m)" > 0 such
that

0> (/\ — aie’\[s"')fi
3 [l + (| + 163,y
j=
0> (}\ — bje/\gj)T]j
2 [\bﬁl + (185 + |ﬁji|)€”’} E&

forallie #,j€ #;
C2) p = sup {%} < A, where pu; =
keEN -

max 1, Yiks Vi ke N;
1§Z§n,1§]§m{ 771]677]]6}7 S

then system (1) has exactly one globally exponentially stable
equilibrium point, and its exponential convergence rate equals
A — L.

Proof. Since e’ < e, et < M for i € J je 7,

f:luaijmw < Z(\%H\%I) z<|ﬂﬂ|+
P

|Bj:])er5e < Z(\ﬂﬂ + |Bjs)e. That is, condition (C1’)

can guarantee (Cl) This completes the proof.

If the leakage delays satisfy d; = 0 and 6; = 0 for i €
J,j € _Z, then system (1) may reduce to the following
system [10]:

&i(t) = —a;z;(t) +]E aijgi(y; (1)) +]§1 Qijw;
+/_\ 195 3t = 75 (1))
Jy 39 (s (¢ = 75(1)))
/\ \/I-Imwj-ﬂ-L7 t>0, t#t,
i (tT) = ;L ( ) -I-sz(xz( ), t= tn;g, ke N,
9;(t) = —bjy;(t) + Z bjifi(wi(t)) +§1 bjiwi
+ii\lﬂjifi(l’i( —0ji(t)))
+ V Bt = 03i)
+ A\ Tjwi+ \ Hpw, +Jj, t>0, t#t,
yit) = () + Quulyy (), t=te, ke N -

foric S, je ¢.

For model (25), it is easy to obtain the following corollary.
Corollary 2: Under assumptions (H1) and (H2), if the fol-

lowing conditions hold:

(C1”) there exist constant A > 0 and vectors £ =

(617527 e afﬂ/)T > 0777 = (771a7]27 o 'an)T > 0 such
that
O > (/\ — az)fl
m
+ 3 [lagl + (o] + laghe™ |G,
=
0> (A= bj)n;

foric S, je 2,
) p = sup{ muk} < A\ where pup =
keN

tp—tp—1

max 1, %k, ik}, k € N;
1§i§n,1§j§m{ Vi Vi ’

then system (25) has exactly one globally exponentially sta-
ble equilibrium point, and its exponential convergence rate
approximatively equals P -

Remark 3: Corollary 2 is actually Theorem 1 in [10], so,
Theorem 1 in this paper generalizes some existing results.

Remark 4: Note that Lemma 2 transforms the fuzzy AND
(/\) and the fuzzy OR (\/) operations into the SUM operation
(3>2)- So above results can be applied to the following classical
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impulsive BAM neural networks with time delay in the leakage
term:

&i(t) = —azi(t — 0;) + f:l a;jg;(y; (1))
=
3 gyt =) + L 1201 b,
() = mi(t) + Pulw(t™), t=te, k€N,
y;(t) = —bsy;(t —0;) + Z bjifi(zi(t))
+§:/8j7fl(x2(t_o—j1( )))+Jj’ t>0, t#t,
y (t+)_yj( )+Q’Lk(y.7( ))7 t:tlm kEN
(26)

forie S,j€ 2.
For model (26), it is easy to obtain the following result.

Theorem 2: Under assumptions (H1) and (H2), if the fol-
lowing conditions hold:

(C1) there exist vectors & = (£,&,---,6)T > 0,np =
(n1,m2,+,nm)T > 0 and positive number A > 0 such
that

NgE

0> (A= i)+ 3 [lag| +laigle’™ |Gy,

J
0> (A—bjeri)n; +

IIM:ﬂ

pol [ARER 1
forallie 7, je 7;
©)p = ksup {faet <
{Lfyzk:ryﬂc} k S N

then system (26) has exactly one globally exponentially stable
equilibrium point, and its exponential convergence rate equals
A — L.

A, where pi =

IV. AN ILLUSTRATE EXAMPLE

Consider the following impulsive BAM fuzzy neural net-
works with time-varying delays:

.Z'Z(t) = —aixi(t —

50+ X 019,15 (0) + X g
+ 7\ 11395 (43 (t — 75 (1)))

+ /\ Tijwj + \/ Hijw; + I,
Jj= Jj=1
zi(te) = — 005'“ it )

7;(t)

t# th,
o), t=t, kEeN,
2 2 _
= —bjy;(t —0;) + z:lbjifi(mz‘(t)) + ;bji@i

2
+ _/:\1 Bjifi(wi(t — 0ji(t)))
P
+ V Bjifi(wi(t — 0ji(t)))
/\T7Zwl+ Vlel+J77 t#tlm
y;(tk) = 005]“,%( 7)7 t=ty, keN

fori,j=1,2,t>0,ty =0, ty = tj_1 +0.5k, k € N, where

01 =02 =0.5, 61 =0, =0.5,

a1 =3, az=3, an=3, ap=-3,
a1 =1, ap =%, an=1, ap=-2
Qo1 = —2, axe=1, L =0, I,=-1,
?11:%, 0t12—;% ~C¥21f%, 042275
11 =3, Q12 =7, Q21=—3y, Q2=73,
Tin=1 Ti2=0, To1=0, Tyy=1,
Hin=1, Hi2=0, Hy =0, Hp=1,
w1:17 w2:2, Tll(t):|sint|,

Ti2(t) = 1.5sint, 7o1(t) = | cos 2t|, Taa(t) = | cost|,
g;(s) = BHIZEEH =12,

by=3, by=3, bu=1%, ba=-3
by =3, ba=13% bu=-1, bp=3,
bo1 =2, bea=-2, J1=-2 Jo=-1,
fu=g Bro=—g Pa=3, Po=3
=13 bu=4g Pu=3 Pn=4i
Tin=1, Ti2=0, T5=0, Tyy=1,
Hy1 =1, Hi2=0, Hy =0, Hxp=1,
U)l *1 VJJQ = 1, Ull(t) =1+ 0.5sint,

012 = |Cost|7 021(t) = |sin 3t|, o92(t) =1 + cost,
fi(s) = tanh(s), i=1,2.

It is easy to verify that assumptions (H1) and (H2) are satisfied,

and it is easy to calculate that F1 =N =1, Gy =
Gy =1, (1) =1, 12 =15, 71 =1, m =
17 g11 = 15, g12 = 1, g91 — 1 0929 = 15, Fk =
£0-05k r OOok
£0:05k | k= £0-05k |-

Solving the following optimization problem
max \
0> (A—a1e?)é + (\‘111| + (Jear| + |da1]) )‘T“)

+ (|a12| + (larz| + |da2|)e /\le)GzTizv
0> (A —aze2)&; + (\a21| + (la21| + [G21]) Am)

+ (|a22| + (|| + [azz)e ’\T")G27727
0> (A= bre )+ (o] + (18] + [Bul)er ) gy
(1b12]+ (Bl + [Biz))e*o=) Fata,

— boer??)ny + (\b21| + (|Ba1| + |Ba) )‘021>F1f1

(|b22| + (|B22| + |522|) AUzZ)Fﬁ%
(61752) n= (77177]2) > 07

we get A ~ ().224428 > 0, § = (11372499, 1310864)T > 0
and n = (9136837,13174078)T > 0, so (C1) holds. From
Theorem 1, we know that system (27) has a unique equilibrium

+
0> (A
+

A >0,

point, this equilibrium point is (0, 0,0,0)T. Also,
_ _ _0.05k
Mk = 1<1<H211<J<2{17’71k773k} =e )
In pg 0.05k .
= su = =0.1 < 0.224428 = ).
K keg ty —tk—1 0.5k

That is, (C2) holds. From Theorem 1, the unique equilibrium
point (0,0,0,0)7 of system (27) is globally exponentially
stable, and its exponential convergence rate is 0.124428.
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V. CONCLUSIONS

A class of impulsive BAM fuzzy cellular neural networks
with time delays in the leakage terms has been formulated and
investigated. Some new criteria on the existence, uniqueness
and global exponential stability of the equilibrium point for the
networks have been derived by using M -matrix theory and the
impulsive delay differential inequality. Our stability criteria are
delay-dependent and impulse-dependent. The neuronal output
activation functions and the impulsive operators only need to
satisfy (H1) and (H2), respectively; but need not be bounded
and monotonically increasing. It is worthwhile to mention
that our technical methods are practical, in the sense that
all new stability conditions are stated in simple algebraic
forms and provided a more precise estimate of the exponen-
tial convergence rate, so their verification and applications
are straightforward and convenient. The effectiveness of our
results has been demonstrated by the convenient numerical
example.
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