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Abstract—In production planning (PP) periods with excess capac-
ity and growing demand, the manufacturers have two options to use
the excess capacity. First, it could do more changeovers and thus
reduce lot sizes, inventories, and inventory costs. Second, it could
produce in excess of demand in the period and build additional
inventory that can be used to satisfy future demand increments, thus
delaying the purchase of the next machine that is required to meet
the growth in demand. In this study we propose an enhanced supply
chain planning model with flexible planning capability. In addition,
a 3D supply chain planning system is illustrated.

Keywords—Supply chain, capacity expansion, inventory manage-
ment, planning system.

I. INTRODUCTION

RODUCTION scheduling is concerned with the alloca-

tion of production resources while production planning
is concerned with the determination of the level of production
resources over time [2]. An extensive literature exists in
production planning, often referred to as aggregate planning,
and in production scheduling, which has further developed
into the lot-sizing and machine scheduling literature for closed
and open shops, respectively [2]. MacCarthy and Liu [3]
provide reviews of the machine scheduling literature. Nam and
Logendran [4] provide a survey of models and methodologies
in the aggregate planning literature. Recent papers in the
aggregate planning area [1], [7] generally do not consider
equipment capacity issues, even though they are relevant in
environments such as the one described earlier. Although
some researchers have analyzed capacity expansion along with
inventory and aggregate planning [6], they restrict themselves
to a single product environment and do not consider lot-sizing
issues.

Rajagopalan and Swaminathan [5] propose a production
planning model with capacity expansion and inventory man-
agement. While demand growth is gradual, capacity expan-
sion is discrete. Periods following a machine purchase are
characterized by excess machine capacity. The conventional
approach in the operational management used the excess
capacity to conduct more changeovers and reduce lot sizes
and inventories. However, this approach ignores an alternative
use of the excess capacity in demand growth environments.
In periods with excess capacity, the firm has two options for
using the excess capacity. First, it could do more changeovers
and thus reduce lot sizes, inventories, and inventory costs.
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Alternatively, it could produce in excess of demand in the
period and build additional inventory that can be used to
satisfy future demand increments, thus delaying the purchase
of the next machine that is required to meet the growth in
demand. Their methods, however, can only guarantee to find
local optimum.

Rajagopalan and Swaminathan [5] proposed a production
planning model with capacity expansion and inventory man-
agement. While demand growth is gradual, capacity expan-
sion is discrete. Periods following a machine purchase are
characterized by excess machine capacity. The conventional
approach in the operational management used the excess
capacity to conduct more changeovers and reduce lot sizes
and inventories. However, this approach ignores an alternative
use of the excess capacity in demand growth environments.
In periods with excess capacity, the firm has two options for
using the excess capacity. First, it could do more changeovers
and thus reduce lot sizes, inventories, and inventory costs.
Alternatively, it could produce in excess of demand in the
period and build additional inventory that can be used to satisfy
future demand increments, thus delaying the purchase of the
next machine that is required to meet the growth in demand.

The remaining of this paper is organized as follows. In sec-
tion II, we review the coordinated production planning model
introduced by Rajagopalan and Swaminathan [5]. Section III
proposes an enhanced coordinated production planning model.
The objective of this work is to maximize the profits under
the constraints of forecast demand and capacity availability.
Section IV introduces the proposed methods. In section V a
system framework of the supply chain management system is
introduction. The conclusions will be given in the final section.

II. COORDINATED PRODUCTION PLANNING MODEL

This section defines the notations consistent with
Rajagopalan and Swaminathan’s coordinated production
planning model (PP) with capacity expansion and inventory
management [5]. Consider a scenario with M items,
t=1,...,M, in T periods, t = 1,...,T. The PP model is
formulated as below:

(PP)
T M
min Z (9eYr + Z (hit(Lis + Qi /2) + puXir)) (D)
=1 i—1
s.t.
Xig — Lig + Ijy—1 = di, Vi, t 2
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(az it + ﬂz lt/QLt) < Ct7Vt (3)
i=1
Cy —Cy_qy —bY; =0,Vt “)
Y, € {0, 1},Vz,t (®)]
Xit 2 0,1; 2 0,Qi > 0,0, > 0,Vi,t (6)

where inputs and parameters are:

g4+ Cost of capacity purchase at time ¢.

hi:: Cost of holding inventory of item ¢ at ¢.

pi: Cost of producing item ¢ at ¢.

d;;: Demand for item 7 at ¢.

a;: Processing time for producing unit item <.

Bi: Set-up (or changeover) time for producing unit item 4.
b: Purchase capacity in increments of size (b).

Decision variables are:

X+ Production of item 4 at time ¢.

I;;: Inventory of item ¢ at the end of time ¢.

Qi:: Lot size in which an item 4 is produced at ¢.

Cy: Capacity available at ¢.

Y:: Y, € {0,1}. If Y; = 1, capacity is purchased at ¢t. Y; =0,
otherwise.

The objective (1) is to minimize the sum of costs which
include capacity purchase costs, carrying costs associated
with planning inventories [;; carried between periods and the
average cycle stock @;;/2 carried within a period due to set-
ups.

In (2), the demand balance constraint for each item ¢ at time
t. That is, “(Production of item ¢ at time ¢) — (Inventory of
item ¢ at time ¢) + (Inventory of item ¢ at time (¢ — 1)) =
Demand for item ¢ at time ¢”. In (3), the capacity constraint
in each period, which takes into account both production and
set-up times. That is, “(Total production times for all items) +
(Total set-up times for all items) < Capacity available at time
t”. In (4), the capacity balance constraint that tracks capacity
levels in each period. That is, “(Capacity available at time t)
— (Capacity available at time (¢t — 1)) = Purchase capacity at
time ¢”, where Y; = 1, if capacity is purchased at time ¢, and
Y; = 0, otherwise.

The integral nature of capacity acquisition (1) and the
nonlinearity in lot sizing constraints of the Rajagopalan and
Swaminathan’s model make the problem difficult to solve to
optimality. They developed a lower bound with Lagrangean
relaxation and heuristics approach to simulate (Q;; to obtain
the minimum. However, the usefulness of their methods is
limited by the following difficulties:

1) Unable to converge to an optimum: As the experimental
results the model with Lagrangean relaxation can not
converge to optimal lower bound due to the character-
istic of non-convexity.

2) Unable to find a global optimum: The heuristics ap-
proach by Rajagopalan and Swaminathan can find a fea-
sible solution but not guarantee to be a local optimum.

ITII. AN ENHANCED COORDINATED PRODUCTION
PLANNING MODEL

In this section an enhanced coordinated production planning
model is proposed. The objective of this work is to maximize
the profits under the constraints of forecast demand and
capacity availability.

Fig. 1 illustrates the order, transportation, and capacity
purchase activities within a four-level supply chain model. The
relevant costs include purchase costs, transportation costs, pro-
duction costs, inventory costs of raw materials and products,
shortage costs of products, capacity purchase cost, and set-up
costs.

The objective of the extension model, as expressed in (7),
is to maximize the company’s profits:

max Z (Z Z Hgct Z Xgwet — Costy) @)
t ¢ g w

s.t.
Cost, = Z Mpvft * vaft+
pvf
Z tcpvft . vaft+
pvf
Z tcgfwt . ngwt+
gfw
Z tcgwct : ngct"_
gqwe
(3)
Z hgft gft + Z hgwt gwt+
Z hyge - Ippe + Z Dgst * Xgptt
Z Sgct * gct + Z gft - Yff+
f
Z Vgrt - Vort
Z(O‘ngft + By Xgrt/Qqrt) < Cri, Vit &)
g
Cpi = Cp—1) = bY5e = 0,Vf, 1 (10)
Kgpe 2 ngt:ngt 2 Ve, Xgpe 2 0,vg, f,t (1)
ngf,ZO,Vg,f,t (12)
Yy € {0,1},Cyp > 0,Vf,t (13)

where inputs and parameters are:

fgee: Unit price of goods g to customer c at time ?.

My fe: Material cost of material p supplied by supplier v to
facility f at ¢.

Dgyt: Production cost of goods g produced by facility f at t.
hpge: Inventory cost of material p in facility f at ¢.

hgye: Inventory cost of goods g in facilities f at .

hgwt: Inventory cost of goods g in warehouse w at ¢.

tcpyre: Transportation cost of material p from supplier v to
facility f at ¢.

tcgpwe: Transportation cost of goods g from facility f to
warehouse w at t.

tcgwet: Transportation cost of goods g from warehouse w to
customer c at t.
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Sgct: Stockout costs of goods g to customer c at t.
vgye: Set-up cost of goods g in facility f at ¢.

gy+: Capacity purchase cost in facility f at ¢.

ag: Unit processing time for producing goods g.

Bg: Set-up (or changeover) time for producing goods g.
b: Purchase capacity in increments of size (b).

Decision variables are:

Cost;: Total cost at time t.

Xgre: Amount of goods g which facility f produced at ¢.
Xpupe: Amount of material p transported from supplier v to
facility f at ¢.

Xgfwt: Amount of goods g transported from facility f to
warehouse w at t.

Xguwet: Amount of goods g transported from warehouse w to
customer c at t.

Ip,54: Inventory of material p in facility f at ¢.

I47¢: Inventory of goods g in facility f at ¢.

Ig¢: Inventory of goods g in warehouse w at t.

Sget: Stockout of goods g in customer c at ¢.

Vst Set-up times for producing goods g in facility f at ¢.
C'y4: Capacity available in facility f at .

Qgy¢: Lot size in which a goods g is produced in facility f
at t.

Yy Yy € {0,1}. If Yy, = 1, capacity is purchased in facility
fatt. Yy =0, otherwise.

Supplier

Suppl i £ £ £ Material Costs
0w\ N/
\ oo ) Lo ) .

N ﬂ ﬂ Production Costs
Production & iy @i# Inventory Costs
J Facility
: Order \ /
\ -
\\~ { E
Store » m
’ 18

1

: Order Transportation Costs

Transportation Costs

Inventory Costs
Shortage Costs

, Warehouse Transportation Costs
: Order X
\
\ . - -
S -~
Demand
Customer

Fig. 1. Supply Chain with Inventory Management and Capacity Expansion.

The objective in (7) is to maximize the profits. In (8),
costs included purchase, transportation, and inventory costs
of materials, transportation, inventory, and stockout costs of
products, capacity purchase costs, and set-up costs. In (9), the
capacity constraint in each period, which takes into account
both production and set-up times. That is, “(Total production
times for goods ¢ in facility f + Total set-up times for goods
¢ in facility f) < Capacity available in facility f at time ¢”.
In (10), the capacity balance constraint that tracks capacity
levels in each period. That is, “(Capacity available in facility

f at time ¢ — Capacity available in facility f at time (¢ — 1))
= Purchase capacity in facility f at time ¢”, where Yy, = 1,
if capacity is purchased in facility f at time ¢, and Yy, = 0,
otherwise.

IV.  PROPOSED METHOD

The model in Section III is a Mixed Integer Nonlinear
Programming (MINLP). In this section we propose an effective
method for overcoming the above difficulties in conventional
methods. The advantages of the proposed approach are listed
below:

1) The MINLP problem is converted into a Mixed 0-1
Linear Programming (MO1LP) problem.

2) Guarantee to be a global optimum.

3) The set-up times and lot size are integer.

Consider the following propositions:

Proposition 1. Denote [X/Q] = R be the smallest integer
value larger than or equal to X/Q, then

[X/Ql=R& X/Q<R<X/Q+1-¢/Q (14
where € is a small positive value.

Proof. If X/@ is an integer, then [X/Q] = R. Otherwise,
X/Q < [X/Q] = R < X/Q + 1 which implies
X/Q<R<X/Q+1-¢/Q. o

For instance, given X = 500, Q = 200, ¢ = 0.001, then
500/200 < R < 500/200 4+ 1 — 0.001/200. Thus, R = 3.

Proposition 2. Denote () be a nonnegative integer value and
0<Q<Q<LQ, 0L RLR, where Q, Q, R are integer.
QR can then be expressed as QR + Sohey 2k, where

D R—R(1—up) <wp < R+R(1—up),k=1,2,...,n
2) 0<w, < Rup,k=1,2,...,n.

3) u,€{0,1},k=1,2,...,n.

4) n is a smallest integer satisfying n > log,(Q — Q +1).

Proof. A nonnegative integer value () can be expressed
as Q = Q+ X 2 uy, wp € {011k = 1,2,...,n,
where ZZ=1 k-l —9on _1>Q — Q. Let wy = uy R, then
QR = QR+ > ;_, 2 1wy, Since wy = wiR, if up = 0,
then wy = 0, otherwise, wy = R. O

By referring to Proposition 1 and Proposition 2, it is clear
that:

D X/Q<R<X/Q+1-¢/Q.
2) QR=QR+ Y ;_, 2wy

Then, the model in Section III can be converted into a Mixed
0-1 Linear Programming (MO1LP) problem as below:
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max Z (Z Z Lget Z Xgwet — Costy) (15)
t c g w

s.t.
Z(O‘ngft + BgRypt) < Cpe,Vfot (16)
g
QgtRgpt — Qqpe + € < Xgp1, Vg, [t an
ngt S Qg,fthftvvg7 fvt (18)

Ngft

Qore = Qup + D 2% hun,,, Vg, fit (19

kgre=1

Ryt — Rgft(l - uk_qft) < wg
Wy, < Ry +§gft(1 -

gft?Vk7g’.f.)t (20)
ukgfz)7Vk7gvf7t (21)

0 <wp,;, < Rypiun,,,, Yk, g, f,t (22)
0<Q,;, < Qqpt < Qypy, Vg, £t 23)
0 < Rype < Ryye, Vg, fot (24)
Ukyse € {0,1},Vk, g, f,t (25)
(8) —(13)

V. SYSTEM FRAMEWORK

This section illustrates the system framework of the Supply
Chain Management System as shown in Fig. 2.

3) System Options: These handle the associated parameters
in the problem-solving process. Users can decide the
solving parameters according to the selected algorithms.
Moreover, during the operation of the system, users
also can keep a record of the associated information
regarding their interactions with the system for future
references.

4) External Solvers: The system offers a mechanism to
provide external links with other popular solvers, such
as LINGO, Mathematica, and Matlab.

5) System Outputs: The result can be generated after the
problem-solving process is terminated. In addition to
the text mode presentation, graphics and spreadsheet
presentations of the final results have also been among
the popular alternatives to general users.

@ SUM Syetens with NASA Woild Wind ST =

| User Interface Model Solver ]
NASA World Wind SDK
Java SE API External Solvers LINGO ) . .
Fig. 3. 3D User Interface of Supply Chain Management System.

Java Runtime Environment

System Outputs ]

| O.S. Platforms/ Devices |

Fig. 2. The Structure of the Supply Chain Management System.

The system is composed of several units:

1) User Interface: The user interface is developed with Java
and NASA (National Aeronautics and Space Adminis-
tration) World Wind SDK [8] as shown in Fig. 3. The
NASA World Wind SDK provides 3D engine to zoom
from satellite altitude into any place on Earth, leveraging
high resolution LandSat imagery and SRTM (Shuttle
Radar Topography Mission) elevation data to experience
Earth in visually rich 3D. World Wind has a full copy
of the Blue Marble, a spectacular true-color image of
the entire Earth as seen on NASA’s Earth Observatory.

2) Model Solver: This is the kernel of the overall system.
It provides the functionalities, such as “Parser” is re-
sponsible for verifying the syntax and format of the
input model, “Pre-processor” performs range reduction
to reduce the size of the feasible set, and “Solver” is
devoted to searching for the solution with proposed
method discussed in Section IV.

VI. CONCLUSIONS

This study proposes an enhanced supply chain planning
model with flexible planning capability and the algorithm
which guarantees the global optimum in maximizing the
objective function. The advantages of the proposed approach
are (1) the MINLP problem is converted into a Mixed 0-1
Linear Programming (MO1LP) problem; (2) guarantee to be a
global optimum; (3) the set-up times and lot size are integer.
In addition, a 3D supply chain planning system is illustrated.

ACKNOWLEDGMENT

The authors appreciate the anonymous referees for their
careful reading and the fruitful comments for the manuscript.
Also special thanks to National Science Council in Taiwan for
supporting this study (C.H. Huang: NSC 97-2410-H-424-019;
H.Y. Kao: NSC 97-2410-H-259-065).

REFERENCES

[11 G. Buxey, “A managerial perspective on aggregate planning”, Interna-
tional Journal of Production Economics, vol. 41, no. 1/3, pp. 127-133,
1993.

[2] S. C. Graves, “A review of production scheduling”, Operations Research,
vol. 29, no. 4, pp. 646-675, 1981.

557



International Journal of Mechanical, Industrial and Aerospace Sciences
ISSN: 2517-9950
Vol:3, No:5, 2009

[3] B. L. MacCarthy, J. Liu, Addressing the gap in scheduling research: a

[4

[5

[6

[7

[8

]

=

]
]

[art

review of optimization and heuristic methods in production scheduling,
International Journal of Production Research, vol. 31, no. 1, pp. 59-79,
1993.

S. Nam, R. Logendran, Aggregate production planning - a survey of
models and methodologies, European Journal of Operational Research,
vol. 61, no. 3, pp. 255-272, 1992.

S. Rajagopalan, J. M. Swaminathan, A coordinated production planning
model with capacity expansion and inventory management, Management
Science, vol. 47, no. 11, pp. 1562-1580, 2001.

M. R. Rao, Optimal capacity expansion with inventory, Operations
Research, vol. 24, no. 2, pp. 291-300, 1976.

J. Singhal and K. Singhal, Alternate approaches to solving the Holt et
al. model and to performing sensitivity analysis, European Journal of
Operational Research, vol. 91, no. 1, pp. 89-98, 1996.

NASA (National Aeronautics and Space Administration) World Wind
SDK: http://worldwind.arc.nasa.gov.

Chia-Hui Huang is an assistant professor of the
Department of Information Management at Kainan
University. He has degrees of Ph.D. in Informa-
tion Management, National Chiao Tung University,
Taiwan and M.S. in Industrial Engineering from
University of Wisconsin - Madison. His publications
have covered topics such as Optimization, Graphical
Decision Model, Supply Chain Management and
Network Communication.

Han-Ying Kao is currently an associate professor
with Department of Computer and Information Sci-
ence, National Dong Hwa University, Taiwan. She
received her Ph.D. degree in information manage-
ment from National Chiao Tung University, Tai-
wan. She has 5 years experiences in manufacturing
industry and ten years with academic fields. Her
current interests are graphical decision models, fuzzy
reasoning, supply chain management, information
- systems, etc. She has published 14 journal articles
and over 20 conference papers.

558



