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Abstract—The aim of the present study is to investigate 

consumers' determinants of intention toward the adoption of Smart 
Grid solutions and technologies. Ajzen's Theory of Planned 
Behaviour (TPB) model is applied and tested to explain the formation 
of such adoption intention. An exogenous variable, taking into 
account the resistance to change of individuals, was added to the 
basic model. The elicitation study allowed obtaining salient modal 
beliefs, which were used, with the support of literature, to design the 
questionnaire. After the screening phase, data collected from the 
main survey were analysed for evaluating measurement model's 
reliability and validity. Consistent with the theory, the results of 
structural equation analysis revealed that attitude, subjective norm, 
and perceived behavioural control positively, which affected the 
adoption intention. Specifically, the variable with the highest estimate 
loading factor was found to be the perceived behavioural control, 
and, the most important belief related to each construct was 
determined (e.g., energy saving was observed to be the most 
significant belief linked with attitude). Further investigation indicated 
that the added exogenous variable has a negative influence on 
intention; this finding confirmed partially the hypothesis, since this 
influence was indirect: such relationship was mediated by attitude. 
Implications and suggestions for future research are discussed. 

 
Keywords—Adoption of innovation, consumers behaviour, 

energy management, smart grid, theory of planned behaviour.  

I. INTRODUCTION 

HE aim of this study is to comprehend how consumers 
conceive smart city and what strategy could be followed 

in order to get daily acceptability of technologies belonging to 
a smart way of thinking urban life. The main objective 
estimates how attitude can become action and which variables 
are determinant in such behavioural pattern for potential smart 
consumers. That is studying which variables affect the attitude 
of consumers towards the adoption of smart behaviours in the 
use of energy and in particular, their attitude towards the 
adoption of externally driven patterns of consumption 
associated with use of smart grids [39]. 

Exasperated industrialization process engendered an urban 
situation in which liveability became the most important issue 
to ensure an acceptable human survival threshold. Smart city 
is the expression employed to characterize the set of solutions 
applied to urban contexts in order to make it more sustainable. 
Cities around the world are trying to make themselves smart 
applying different solutions. Despite these diversified 
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approaches, there exists a common concept of what being 
smart means: it leads cities from a chaotic combination of 
technologies, to a concerted equilibrium of tools. In this sense, 
the research is usually focused on technological issues: smart 
system of transportations, implementation of sensors and 
smart grid are the most explored topics in this field of study. 
The concept of smart grid is born in order to solve several 
problems with current electricity grid, such as the huge 
diffusion of renewable energy systems (distributed generation) 
and the increasing electricity demand.  

Smart grids are thought as electricity networks that can 
integrate information and communication technology (ICT) 
into the grid. They look different from the current electricity 
systems in important ways. They require a transition of current 
electricity systems that are characterized by centralized, fossil-
fuel based facilities to one that can incorporate decentralized 
systems using more diverse energy sources as well as more 
price-sensitive and well-informed consumers [74]. Such 
transition would create electricity systems, which enable 
consumers to make, informed and empowered energy-related 
choices and make personal behavioural changes [28]. 
Therefore, the future electricity grid not only promises to be a 
radical technological, environmental and economic upgrade of 
the old system, it also will be more pervasive technology, 
influence the daily life of users [71], [68].  

This study moves from the idea that smart cities need smart 
citizens: a city is made up by people, and people are those who 
should always interface with solutions found by researchers. 
Indeed, any technological innovation should be thought 
following two strictly linked lines of topics: one related to 
technological tools and the other involving investigations on 
who should accept adopt and use it [55], [89]. Albeit smart 
users play a fundamental role in making a city smart, research 
on smart city, smart grid and smart devices is developing 
faster toward technological innovation design than in the 
socio-behavioural context [91]. As for each innovation, which 
entails changes in users’ life habits, one needs to know if and 
how such innovation can be accepted from potential users, 
also smart tools must be conceive to enable consumers to 
behave smart. The purpose of this paper is to understand the 
decisional process, which can lead consumer toward a smart 
behaviour; quantifying which variables are more influent in 
such decisional process, information can be used to promote 
smart behaviour and management strategies can be followed 
to plan smart city for smart citizens [76]. 

In order to reach the goal Theory of Planned Behaviour 
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(TPB) [1], [2], [11] is applied to the case of study. Such 
consumer behaviour model allows describing rational process, 
which leads to a choice in terms of a good consumption [87]. 
Indeed, TPB, a more comprehensive version of the Theory of 
Reasoned Action [38], [67], allows examining the influence of 
personal determinants and social surroundings as well as non-
volitional determinants on intention [42]. In particular, it could 
contribute to improving the prediction of customers’ intention 
to choose Smart Grid solutions and technologies. 

Overall, the current research aims to test the applicability of 
TPB in explaining electricity users' intention formation to 
adopt Smart Grid way of consumption. The specific objectives 
of this study are: 1) to identify salient belief items for each 
predictor construct of intention to adopt Smart Grid solutions 
and technologies (i.e., attitude, subjective norm, and perceived 
behavioural control), 2) to test relationships among study 
variables (i.e., behavioural beliefs, normative beliefs, control 
beliefs, attitude, subjective norm, perceived behavioural 
control, resistance to change and adoption intention). In the 
TPB model, this study further investigated the effects of users' 
inertia toward the adoption of new products or services. Since 
the TPB postulates rationality of actors, it is assumed energy 
consumer behaves in a rational manner: consumer decision 
process can be considered most likely cognitive, when 
decisions entail changes of daily life habits. Even though such 
hypothesis, the following study takes into account some non-
rational component, which could be involved in the choice of 
innovative tools, adding a cause variable to ones that usually 
concern the TPB. This non-rational variable refers to 
boundaries due to human inertia that is resistance to change 
(RC). This study catches consumer's passive resistance to 
Smart Grid innovation through a survey on attitudes toward 
existing practices. Struggles made to obtain information on 
habitudinal practices and individual's need of cognition will be 
investigated. Then, results coming from correlation with 
behavioural intention highlights if and how consumer’s 
resistance to change influences the intention of adopting Smart 
Grid innovation.  

Theory of Planned Behaviour (TPB) is employed to design 
a survey. As suggested by [13] the set of new beliefs is 
obtained from an elicitation study conducted on a focus group 
representative of the research population. The questionnaire 
contains three sections of items related to: 1) belief constructs, 
2) predictor constructs (Attitude, Subjective Norm, Perceived 
Behavioural Control), Resistance to Change variable and 
intention measures, 3) demographic information. Data have 
been collected on a simple random sample of citizens, using a 
self-administered questionnaire. Then, data are analysed 
through statistical techniques (Structural Equation Modelling - 
SEM) [52] and results are evaluated in order to study 
relationships among variables and to validate hypotheses; 
finally genuineness of cause-effect variables is verified.  

In the following section, TPB and the conceptual 
framework that supports the research hypotheses are 
described. In the methodology section, procedures to identify 
belief items, to develop measures, and to collect and analyse 
data are illustrated. Finally, study findings, implications, and 

suggestions for future research are discussed in the results and 
discussion sections. 

II. CONCEPTUAL FRAMEWORK 

This study applies the Theory of Planned Behaviour (TPB) 
[15] to the electricity consumer behaviour; TPB has been 
already employed to study consumer adoption intention [86] 
and to analyze consumer behaviour for similar topics, such as 
green electricity [65]. A cause variable is added to the 
classical model. Such variable represents non-rational 
components, expressed by individual's predisposition to 
change his life habits [23]. 

A. Theory of Planned Behaviour (TPB) 

The Theory of Planned Behaviour (TPB) represents an 
extended model of the Theory of Reasoned Action (TRA). 
Both the TRA and TPB assert that behaviour is a direct 
function of behavioural intention [10]. Intention is the central 
concept in such theories; it is described as an individual's 
motivation in his/her cognizant plan/decision to exert an effort 
in performing a specific behaviour [1].  

According to TRA, most human behaviours are predictable 
based on intention because such behaviours are volitional and 
under the control of intention [13]. That is, people make 
reasoned choices among alternatives, having a high degree of 
volitional control in their decision process. Because of its 
strong predictive power, TRA has been utilized as model to 
predict behavioural intentions and behaviours in the areas of 
marketing and consumer behaviours [61], [63], [81]. TRA 
suggests [13], [41] that behavioural intention is a function of 
two determinant factors, namely attitude toward performing 
the behaviour [8] and subjective norm. TPB also postulates 
that behavioural intention is a function of attitude and 
subjective norm. However, an additional dimension, perceived 
behavioural control is added to the TPB model to account for 
situations where an individual has less than complete control 
over the behaviour. According to Ajzen and Driver [12], 
perceived behavioural control reflects beliefs regarding access 
to the resources and opportunities needed to perform 
behaviour. Indeed, TPB expands the boundaries of TRA, a 
purely volitional control, by including a belief factor that 
concerns the possession of requisites, resources and 
opportunities to perform a specific behaviour [67]. Each of the 
determinants of behavioural intention, i.e. attitude, subjective 
norm, and perceived behavioural control, is, in turn 
determined by underlying belief structures. The beliefs 
concern the evaluation of the consequences of an action 
(behaviour), expressed with the product between the 
subjective probability measure and the consequence 
evaluation. Such beliefs are referred to as attitudinal beliefs, 
normative beliefs, and control beliefs, which are respectively 
related to attitude, subjective norm and perceived behavioural 
control.  

The theory "postulates that a person's intention to perform 
(or not to perform) a behaviour is the most important 
immediate determinant of that action" [6], [7]. TPB allows 
modeling the behaviour of consumers with a cause-effect 
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variable scheme, in which three cause variables are considered 
to be the determinants of behavioural intention. Each of the 
three variables (attitude, subjective norm and perceived 
behavioural control) is explained through an individual's 
beliefs related to that variable; in other words, beliefs 
represent of the subjective consequences evaluation, and they 
are the different aspects, which yield attitude, subjective norm 
or perceived behavioural control variables.  

TPB has demonstrated good explanatory power across a 
range of decision-making contexts [16], [17], [21], [26], [46], 
[47], [50], [83]; one of the strengths of the TPB is that it is a 
parsimonious model that also allows for the inclusion of 
additional variables relevant to a specific behavioural context 
[30], [70]. The theory was widely employed in order to 
explain behavioural intention of consumers, such as reporting 
behaviour [64], exercise domain [80], food consumption [69], 
[90], [22], recycling behaviour [27], [88], engaging 
environmental activism [40], consumer adoption intention 
[18], [86]. 

TPB is applied to pursue the objective of this study that is 
predicting the consumer behaviour for smart grid adoption. 
Indeed, it provides a well-defined structure that allows through 
investigation of the formation of electricity consumer adopting 
intentions by simultaneously considering volitional and non-
volitional factors. In the TPB model, this study further 
investigates the effects of individual's Resistance to Change 
(RC). Thus, the strength of the paths across high and low RC 
groups is compared. This is primarily based on the idea that 
consumers with high RC may have a different tendency in 
forming intention to adopt smart grid technologies and habits, 
as compared to low RC consumers. Resistance to Change is 
added as a variable, which causes behavioural intention.  

In the following section, TPB is performed modelling 
consumer choice process through a cause-effect variables 
combination. If reliability of model is verified, results coming 
from correlation between variables allow understanding the 
structure of the path, which brings to the consumption choice.  
 

 

Fig. 1 Theory of Planned Behaviour (TPB) model with Resistance to 
Change variable 

 

B. Hypotheses Development 

TPB assumes attitude toward behaviour, subjective norm 
and perceived behavioural control are three conceptually 
independent determinants of behavioural intention. This 
section discusses how behavioural intention is related to its 
predictors, and how these antecedent variables are associated 
with belief constructs (see Fig. 1). 

1. Attitude toward Behaviour 

Attitude [4], [78] can be described as "the degree to which a 
person has a favourable or unfavourable evaluation or 
appraisal of the behaviour in question" [2]. Attitude toward 
behaviour is believed to be a function of one's salient beliefs 
(i.e. behavioural beliefs (BB)), which represent the perceived 
consequences of the behaviour and his/her evaluation of the 
significance of the consequences (i.e. outcome evaluation 
(OE)) [36]. Ajzen and Fishbein [13] described BB as one's 
subjective probability that performing behaviour will lead to 
certain consequences. When determining whether to perform a 
specific behaviour person is likely to assess the benefits and 
the costs resulting from the behaviour [31]. An individual 
tends to possess a favourable attitude when the outcomes are 
positively evaluated and, thus, he/she is likely to engage in 
that specific behaviour [2], [31], [63]. In other words, an 
individual's positive attitude toward certain behaviour 
strengthens his/her intention to perform behaviour [2]. 
Attitude toward smart grid acceptance is evaluated through 
perceived advantages and disadvantages (beliefs) deriving 
from the adoption. 

As stated by TPB, attitude (A) is calculated by multiplying 
the strength of each behavioural belief (BBi) by the subjective 
outcome evaluation (OEi) of the belief's attribute [90]: 

 
∑                                         (1) 

2. Subjective Norm 

Ajzen [2] defined subjective norm as "the perceived social 
pressure to perform or not to perform the behaviour. In other 
words, subjective norm is the perceived opinions of significant 
others who are close/important to an individual and who 
influence his/her decision-making [53]. Subjective norm is 
presented as a function of a person's normative beliefs (NB) 
about what salient referents think he/she should (or should 
not) do, and his/her motivation to comply (MC) to those 
referents [13]. Eagry and Chailen [36] described NBs as 
"perceptions of significant others' preferences about whether 
one should engage a behaviour". In other words, it concerns 
the probability of whether significant referents would approve 
or disapprove the behaviour. For what concerns the adoption 
of smart grid technologies, subjective norm, thus, represents 
the perceived social pressure to perform or not to perform the 
adoption. The important role of subjective norm as a 
determinant of behavioural intention is well documented in 
various contexts in marketing and consumer behaviour, e.g. 
[25], [31], [37], [62], [63]. The subjective norm (SN) is 
obtained by the strength of each normative belief (NBj), 
multiplied by the person's motivation to comply (MCj) with 
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the referent in question [90]: 
 

∑                                    (2) 

3. Perceived Behavioral Control 

Perceived Behavioural Control [5] can be described as "the 
perceived ease or difficulty of performing the behaviour" [2]. 
In particular, Perceived Behavioural Control assesses the 
perception of how well one can control factors that may 
facilitate/constrain the actions needed to deal with a specific 
situation. Perceived Behavioural Control is determined to be a 
function of control beliefs (CBs) that refer to one's perception 
of the presence/absence of resources/opportunities required to 
perform a specific behaviour, and his/her assessment of the 
level of importance of such resources/opportunities for the 
achievement of outcomes (i.e., perceived power (PP)) [14], 
[29]. A number of studies have demonstrated that people's 
intention/behaviour is positively influenced by their self-
confidence in their ability to perform behaviour [25], [31], 
[34], [86]. It is expecting that when an individual holds little 
control over carrying out a certain behaviour because of the 
lack of availability of required resources (e.g. costs, time, 
knowledge), his/her behavioural intention will be lower in 
spite of the fact that he/she has positive attitude/subjective 
norm concerning the intended act. PBC is expected to play an 
important role in this study: the adoption of an innovative 
electrical consumption system involves resources/ 
opportunities in terms of knowledge that is needed 
information to assess the consequences of adoption, and time, 
necessary to change electrical consumption habits. 

Perceived behavioural control (PBC) is the sum of the 
multiplication of each control belief (CBk) with the perceived 
power (PPk) of the particular control factor to facilitate or 
inhibit performance of the behaviour [90]: 

 
∑                                   (3) 

4. Resistance to Change 

Since smart grid will engender change in daily life habits of 
consumers, it can be considered as an innovation in electricity 
consumption practices regarding people investigated opinions. 
TPB "classical" model is integrated with the cause variable 
Resistance to Change (RC), which takes into account a 
relevant problem of innovation adoption process that is the 
inertia of users. Several theories in psychology explicitly deal 
with resistance to change [72], [75]. All these theories suggest 
that consumers have an intrinsic desire for psychological 
equilibrium. Any change imposed on their behaviour has the 
potential to disturb this equilibrium; the consumer, thus, more 
often opts for resisting the change than going through 
disturbing process of readjustment. In other words, resistance 
would seem to be a normal response of consumers when 
confronted with innovations. "Resistance to change may be 
defined as any conduct that serves to maintain status quo in 
the face of pressure to alter the status quo" [92] and is 
associated with the degree to which individuals feel 
themselves threatened by change. Considering the innovation 
adoption process, resistance to change occurs in its first stage 

that is initial response to innovations. 
Resistance to change can be active or passive. Active 

resistance entails the active reaction of consumer to the idea of 
innovation; for example, an innovation may prompt a response 
of rejection, protest, or even active boycotting. This study 
investigates passive resistance to innovation as independent 
variable. By using some product repeatedly over a long period, 
a consumer forms habits: this leads to passive resistance. 
Sheth [82] defines this "the single most powerful determinant 
in generating resistance" and notes,  

"Perceptual and cognitive mechanism are likely to be 
tuned in to preserve the habit because the typical human 
tendency is to strive for continuously search of, and 
embrace new behaviours".  
The most relevant cognitive mechanism behind such 

passive resistance to innovation is attitude strength toward the 
object of habit, which prevents one from being receptive to an 
innovation. Indeed, the greater the person's cognition need and 
the greater the efforts made to obtain relevant information on 
the object of habit, the stronger the attitudes. Strong attitudes 
toward existing objects contribute to resistance to change and 
may prevent consumers from being open to innovations. In 
this case, further processing of information about innovation 
may require that one should be open to change, or even 
change one's attitudes toward the habitudinal target. It means 
breaking the resistance to attitude change.  

This study measures Resistance to Change quantifying how 
people are prompted to modify their life habits. The 
investigation is conducted in general terms: computing people 
passive resistance toward acceptance of any innovations 
allows understanding if adoption of smart grid way of 
consumption is felt as a relevant change of daily habits. 
Hence, the cause-effect relationship analysis gives information 
on how general resistance to change weighs on adoption 
intention: if the correlation is high, smart grid way of 
consumption should overcome human inertia before to be 
accepted.  

5. Adoption Intention 

Intentions have been defined in the TPB as the amount of 
effort one is willing to exert to attain a goal [2], "behavioural 
plans that enable attainment of a behavioural goal" [3], or 
simply "proximal goals". In essence intentions can be 
conceived of as a goal states in the expectancy value tradition 
that are the result of a conscious process that takes time, 
require some deliberation, and focuses on consequences [66]. 
The intention construct is central to TPB. Intentions assumed 
to capture the motivational factors that influence a behaviour 
and to indicate how hard people are willing to try or how 
much effort they would exert to perform the behaviour [21]. 
Hence, intention is a cognitive representation of a person's 
readiness to perform a given behaviour, and it is considered 
the immediate antecedent of behaviour. Although there is not 
a perfect relationship between behavioural intention and actual 
behaviour, intention can be used as a proxy measure of 
behaviour. Therefore, the variables in TPB model allow to 
determine the effectiveness of the implementation 
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interventions even if there is not a readily measure of actual 
behaviour. 

Concerning this study, Behavioural Intention (BI) is the 
dependent variable of the model and it estimates consumer’s 
intention to adopt smart grid technologies. Since the behaviour 
cannot be measured in terms of effective adoption because, 
actually, smart grid is not yet implemented in the urban 
context, consumer adoption intention represents the final level 
of the TPB. Granted that the more a person intends to carry 
out the intended behaviour the more likely he/she would do so 
[20], the assessment of smart grid adoption intention allows to 
capture the motivation factors needed to perform effective 
adoption. 

6. Hypotheses 

Based on the theoretical framework discussed above, the 
following seven hypotheses are proposed: 
H1.  has a positive influence on attitude (where  is 

the belief that performing the behaviour has consequence 
;  is the evaluation of consequence ). 

H2.  has a positive influence on subjective norm 
(where  is the belief that important referent  thinks 
he/she should conduct the behaviour;  is the 
motivation to comply with the referent ). 

H3.  has a positive influence on perceived behavioural 
control (where  is one's perception of the 
presence/absence of resource/opportunity  required to 
engage in the behaviour;  is his/her assessment of the 
significance of resource/opportunity ). 

H4. Attitude has a positive influence on adoption intention. 
H5. Subjective norm has a positive influence on adoption 

intention. 
H6. Perceived behavioural control has a positive influence on 

adoption intention. 
H7. Resistance to Change has a negative influence on 

adoption intention. 

III. RESEARCH METHODOLOGY 

A. Questionnaire Design 

The questionnaire used in this study was composed of three 
sections: the first includes items designed to assess belief 
constructs, the second consists of predictor constructs 
(Attitude, Subjective Norm, and Perceived Behavioural 
Control), and resistance to change variable and intention 
measures and the third contains questions for demographic 
information.  

These sections were preceded by a description of Smart 
Grid, which explained briefly, what Smart Grid is and how 
users are involved in the realisation of such smartness of the 
electricity grid. 

Besides a fourth, section was included to collect 
demographic data of respondents. 

1. Belief Constructs 

The measurement items for salient beliefs and referents 
were developed from an elicitation study and a review of 

literature [51]. According to [9] and [13], there is no standard 
questionnaire for TPB. With regard to belief constructs, they 
insisted that formative research (i.e. elicitation study) and 
validation of the theory's belief constructs were needed prior 
to construction of the final questionnaire. They indicated that 
such an endeavour helps researchers construct a questionnaire 
that is adequate for a specific behaviour and population of 
interest. 

A sample of twenty individuals representative of the 
research population was used to elicit readily accessible 
behavioural outcomes, normative referents and control factors. 
This focus group consisted of users with different ages, social 
positions, family status and occupations. The elicitation study 
was conducted through phone interviews in which respondents 
answer to open-ended eliciting questions designed to obtain 
the new set of items for belief constructs. Then, the refinement 
of the questionnaire was made through experts' reviews. 

Subsequently, five individuals were asked to read and 
comment the questionnaire. The results of this pilot test 
revealed the instrument had an adequate level of reliability and 
question clarity. The questionnaire is composed as follows. 5 
items with a 5-point Likert-type scale are employed to 
measure BB (1=strongly disagree, 5=strongly agree). Upon 
completion of the likelihood ratings, the corresponding 
questions were used to assess their evaluation of outcomes 
(e.g., "An electricity grid which allows me to be more 
conscious is" 1=bad, 5=good [33]). To measure NB, 2 items 
with a 5-point Likert-type scale (1=strongly agree; 5=strongly 
disagree) were developed. Respondents were also asked to 
indicate their MC for each referent (e.g., "Generally speaking, 
I prefer to do what my family thinks I should do", 1=strongly 
disagree, 5=strongly agree). Finally, 3 items with 5-point 
Likert-type scale were used to examine respondents' CB 
(1=strongly disagree, 5=strongly agree) and each item's 
perceived power (e.g., "To adopt SMART GRID's solutions 
and technologies, knowledge is:", 1=extremely unimportant, 
5=extremely important). Based on Ajzen's [2] suggestion, all 
items for each belief were multiplicatively combined with 
their evaluative components using the expectancy-value 
approach [45] to obtain an overall level of each belief 
construct (∑ , ∑ , ∑ ).  

2. Measures of Other Constructs 

This study adopted existing validated items to assess 
predictor constructs of adoption intention, and Resistance to 
Change [13], [86], [65], [88]. The wordings of the measure 
were slightly modified to be appropriate for this study. While 
attitude is assessed by a 5-point semantic differential scale, 
other constructs were all measured using a 5-point Likert-type 
scale (1=strongly disagree, 5 strongly agree). Multi-item 
scales were employed to measure these variables adequately 
capture the domain constructs [32], [73]. In order to avoid the 
problem of 'response set', three items were reverse scaled: so 
doing respondents that answer in the same way to every 
question are excluded from the analysed sample.  
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B. Data Collection 

The data were collected in two stages during the period 
March to May 2015. In stage 1, elicitation interviews were 
conducted during March 2015 with sample of 20 Italian 
electricity users, selected using the quota sample to make sure 
that all relevant stratifications of the population were 
represented (in terms of age, gender, level of education and 
social position). The elicitation schedule requested to list 
advantages and disadvantages of Smart Grid solutions 
adoption, the people who would approve or disapprove the 
adoption and the factors, which would encourage or 
discourage such adoption. Stage 2 was performed through the 
main purely paper-based survey. A self-administered, closed-
ended questionnaire was distributed to citizens of Cosenza, a 
small city in the South of Italy, randomly selected in its urban 
area. Since Italy (as Europe) is mostly made by small-middle 
size cities, except some metropolitan contexts such as Rome, 
Milan or Naples, the test area can be considered as 
representative of the majority of Italian population of 
electricity users.  

Respondents were randomly selected at the exit of shops 
and commercial centres. 168 questionnaires were collected, 
and a total of 96 usable responses were selected from 
participants, indicating a valid response rate of 57,14%. Of the 
96 respondents 57,29% were male and 42,71% were female. 
Respondents’ age groups and level of school education are 
showed in Table I. 

 
TABLE I 

CHARACTERISTICS OF SAMPLE 

Sample (N = 69) (%) 

Sex Male 57,29% 

Female 42,71% 
Age 18-29 years 19,79% 

30-39 years 21,88% 

40-50 years 25% 

over 50 years 33,33% 
Level of school 

education 
Middle school 13,54% 

High school 56,25% 

Graduated 26,04% 

Post-graduation degree 4,17% 

48, 96% of respondents live in Cosenza-Rende urban area, 51,04% is from 
Cosenza district towns. Finally 23,96% of respondents - the majority - were 
employees (freelancers 9,37% , unemployed 9,37%, students 7,29%, retailers 
7,29%, entrepreneurs 3,12%). 

C. Data Analysis 

The explanatory factor analysis (EFA) was carried out using 
SPSS version 22 in order to examine whether the measured 
variables of each factor affecting the smart grid acceptance 
had been appropriately designed and answered, while 
Bartlett's unit matrix was checked to see whether the survey 
data was fit for factor analysis. To this end, Bartlett's test and 
Kaiser-Meyer-Olkin (KKMO) goodness-of-fit test were 
conducted. The Harman's single factor test was utilized for the 
implementation of Common Method Variance, and the 
Varimax method of orthogonal rotation was used for the factor 
rotation. 

After EFA, the Structural Equation Modeling (SEM) 

analysis was performed by using LISREL 8.80 to test the 
hypotheses. The SEM analysis consisted of two steps: 
confirmatory factor analysis (CFA) and path analysis (PA).  

Path analysis is an extension of multiple regressions. It 
allows for the analysis of more complicated models. In 
particular, it can examine situations, which there are several 
final dependent variables and those in which there are "chains" 
of influence [84]. CFA is used when a priori hypotheses about 
which items or variables are grouped together as manifestation 
of an underlying construct and wish to test how well the data 
match -or fit- the model.  

While in path analysis one is limited to considering paths 
just among the measured variables, SEM allows to draw paths 
among the latent (that is, unseen but hypothesised) variables 
and thus, to examine the relation among them: this makes 
SEM particularly useful for modelling tests including several 
independent/dependent variables [85]. SEM combines aspects 
of multiple regression and factor analysis to assess a series of 
dependent relationships simultaneously [60], which is not 
possible using other multivariate techniques: each latent 
variable should have at least 2 (ideally 3 or more) measured 
variables associated with it. Thus, each latent variable is a 
small CFA in its own right, testing the hypothesis that the 
measured variables are in fact the measurable manifestation of 
the latent one. This provides the benefit in that the correlations 
among the measured variables are an indication of their 
reliability, and SEM can correct for this. Consequently, the 
relations among latent variables reflect their true correlations 
uncontaminated by measurement error.  

Indeed, SEM is particularly useful for modelling tests 
including several independent/dependent variables and 
mediators/moderators [48]. 

IV. RESULTS 

A. Data Screening and the Measurement Model 

Prior to testing the measurement model, the collected data 
were screened to avoid any violation of the assumption of the 
general linear model. To establish construct validity and 
reliability, procedures from prior literature was followed [19], 
[49]. First an Exploratory Factor Analysis [43] was run using 
principal component analysis with Varimax rotation (SPSS 
version 22.0) to assess the unidimensionality of the 
measurement constructs; Bartlett's sphericity test and KMO's 
goodness-of-fit test were also conducted in order to evaluate 
the significance of correlation among variables and the 
suitability of data for factor analysis. Harman's single-factor 
test was performed to determine if common method bias was a 
significant problem. Cronbach's alpha values were then 
computed for each construct to assess their reliability and 
item-to-total correlation [35]. Confirmatory Factor Analysis 
based on LISREL 8.80 [56] allowed to evaluate construct 
validity and to estimate the measurement model.  

Finally, Structural Equation Model (SEM) using the 
Maximum-likelihood estimation procedure linked with 
LISREL 8.80 software permitted to simultaneously test 
hypothesised structural associations between/among the set of 
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eight latent constructs, assessing the causal relationships of the 
employed model [59], [79].  

1. Explanatory Factor Analysis (EFA) 

The value of Bartlett's sphericity test was 1517,75 ( .
0.000, 378), showing that the correlation of the variables 
was statistically significant. Further, the KMO value of 0,844 
was a high goodness-of-fit, meaning that the raw data was 
suitable for factor analysis. Indeed, the closer the KMO value 
is to 1, the higher the significance the factor analysis has. 
Also, the minimum value should not be less than 0,5 and the 
value greater than 0,8 is good [54]. 

Common method bias was performed using Harman's single 
factor test. The output of this test is the Total Variance 
Explained: the instrument overcomes such test if it accounts 
less than 50% of all the variables in the model. Since from 
Harman's single factor test the total variance explained was 
35,56%, the data can be considered free from significant 
common method bias. 

The explanatory factor analysis in this study made use of 
the principal component analysis whose purpose was to 
minimize the loss of information and enable variables to have 
a minimum number of factors. The Varimax method was used 
for factor rotation. A Varimax solution yields results, which 
make it as easy as possible to identify each variable with a 
single factor. It consists of an orthogonal rotation of factor 
axes to maximize the variance of the squared loadings of a 
factor on all the variables in a factor matrix, which has the 
effect of differentiating the original variables by extracted 
factor. This is achieved if any given variable has a high 
loading on a single factor but near-zero loadings on the 
remaining factors, and if any given factor is constituted by 
only a few variables with very high loadings on such factor 
while the remaining variables have a near-zero loadings on 
this factor. Varimax rotation showed that three items related to 
three different constructs, had high loading values dispersed 
from factors grouping high loading values of other items of 
the same construct. Excluding such items, the concentration of 
the measured variables can be seen as good, since all other 
loading values were grouped and were more than 0,5. 
Furthermore, in order to test the internal consistency of the 
measured variables, Cronbach's  values were obtained to 
measure reliability. The range of the values is between 0 and 
1, and generally, when the value is less than 0,3, the 
concentration between variables is weak, and when it is more 
than 0,7 the concentration between variables can be said 
strong. Cronbach's alphas of three variables (Behavioural 
Beliefs, Control Beliefs, Resistance to Change) were improved 
removing one item from each of involved constructs; two of 
them (Behavioural Beliefs, Control Beliefs) coincided with the 
dispersed high loading values observed in Varimax rotation. 
The values of Cronbach's alpha are showed in Table I. 

The EFA and Cronbach's alpha evaluation allowed 
assessing and improving the measurement model highlighting 
the inconsistency of four items related to four different 
constructs -Behavioural Beliefs, Control Beliefs, Perceived 
Behavioural Control, and Resistance to Change. Such items 

were excluded from the further analyses, and the related 
variables became two-item constructs. 

The measures obtained using the remaining items showed 
good level of internal consistency. 

2. Confirmatory Factor Analysis (CFA) 

CFA is used when a priori hypotheses about which items or 
variables are grouped together as manifestation of an 
underlying construct and wish to test how well the data match 
-or fit- the model.  

The CFA has difference with the EFA in that it can model a 
form of hypothesis with theoretical knowledge or results and 
constrain some elements of the matrix. The reason to conduct 
CFA after EFA is that it can identify the outline of factor 
structure of the latent variables used in a research model and 
remove the measured variables contrary to the validity more 
thoroughly [57]. 

CFA using maximum likelihood estimation with the 96 
cases was conducted to assess the underlying structure of the 
variables in the model. Specifically, all measures were 
assessed for unidimensionality, reliability, and construct 
validity.  

The measurement model fit indices fell within the 
recommended parameters ( 	 	⁄ 1,24; 

	 	 	 	 	 	 0,05; 
0.009; 	 	 	 0,91; 
	 	 	 0,98) as suggested by [49]. 

Results obtained from the Confirmatory Factor Analysis are 
showed in Table II: loading values and t-values related to each 
item, the values of Cronbach's alpha, Composite Reliability 
and Average Variance Extracted related to each construct are 
displayed. All factor loadings exceeded the minimum value of 
0,40, and the t-values of the indicators were greater than 2,0, 
in support of convergent validity [19] and unidimensionality.  

The results related to Composite Reliability (CR) and 
Average Variance Extracted (AVE) are not satisfying for 
some of the constructs. Indeed, CR is greater than 0,60 for the 
majority of the scales, except for Perceived Behavioural 
Control (PBC) variable. Consequently, also AVE does not 
exceed the recommended threshold (0,50) for the same 
construct (PBC). Moreover, Control Beliefs (∑CB*PP), 
Subjective Norm (SN), and Resistance to Change (RC), 
exhibit low values of AVE, but very close to the limit value of 
0,50 [24]. PBC items need to be revised for further studies; 
nevertheless, for other variables, the slightly low values of 
AVE can be due to the small sample size. 

After the test for the reliability of latent variables, the 
discriminant validity should be checked. If AVE1 and AVE2 
of two latent factors were greater than the coefficient of 
determination, i.e., the square of their correlation coefficient, 
the two factors can be said to have discriminat validity 
between them [57], [58]. Evidence of discriminant validity 
was found because square root of AVE for each construct 
(except for PBC) was always greater than the correlation 
coefficients shared among constructs [44]. Overall, the 
majority of the measures possessed adequate reliability and 
validity. The correlation coefficients, means and standard 
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deviations and square root of AVEs for latent variables are 
listed in Table III. 

 
TABLE II 

MEASUREMENT SCALES 

Factor/item 
Standardized 

factor 
loading 

t-
values

Behavioural Beliefs (α=0,79; CR=0,80; AVE=0,50) 

Consciousness of own consumption 0,7 7,31 

Energy saving 0,86 9,67 

Lower price electricity 0,68 7,1 

Usability of energy servicea 

Supporting environmental sustainability 0,56 5,52 

Normative Beliefs (α=0,88; CR=0,88; AVE=0,78) 

Opinion of family 0,9 10,33 

Opinion of friends 0,87 9,83 

Control Beliefs (α=0,61; CR=0,64; AVE=0,48) 

Knowledge on SMART GRID 0,53 5,23 

 Get savings on electricity bill 0,83 8,13 

Electricity grid accessibilitya 

Attitude toward adoption (α=0,93; CR=0,93; AVE=0,68) 

Adopting SMART GRID's solutions and technologies would be: 

Favourable-Unfavourable 0,71 7,81 

Positive-Negative 0,87 10,48 

Appropriate-Inappropriate 0,81 9,43 

Useful-Useless 0,89 11,02 

Advantageous-Disadvantageous 0,82 9,69 

Desirable-Undesirable 0,85 10,22 

Subjective Norm (α=0,72; CR=0,71; AVE=0,46) 

Opinion of important people 0,68 7,15 

Opinion of influencing people 0,75 8,17 

Endorsement of important people 0,58 5,96 

Perceived Behavioural Control (α=0,54; CR=0,36; AVE=0,22) 

Perceived power on the adoption decisiona 

Perceived ability needed to adopt SMART GRID 0,44 3,39 
Having resources, time and knowledge needed to 

adopt 
0,5 3,69 

Resistance to Change (α=0,58; CR=0,63; AVE=0,47) 

Tendency to test new producta 

Tendency to not change own habits 0,79 5,71 

Tendency to use unknown products or services 0,56 4,6 
AVE = average variance extracted; α = Cronbach's alpha; CR = Composite 

Reliability 
a Item dropped during scale purification 
 
As can be observed from Table III, hypothesised 

correlations among variables (BB-A; NB-SN; CB-PBC; A-AI; 
SN-AI; PBC-AI; RC-AI) are all statistically significant. 
While, high correlation coefficients related to variables that 
should be not correlated (such as SN-PBC) were verified to be 
free from the phenomenon of multicollinearity using SPSS 22.  

B. Structural Model and Hypotheses Testing 

Structural model is shown in Fig. 2. Such model has good 
fit statistics ( 333,62; 239; 0,0005, 

1,4; 0.065; 0,96; 0,89; 0,96) 

and contains a good explanatory power for behavioural 
intention ( 0,84). 

 Table IV details the results of hypotheses testing. The 
estimates of standardised coefficients showed that the linkages 
between  and attitude ( 0,29; 0,01), between 

 and subjective norm ( 0,86; 0,01), and 
between  and perceived behavioural control (
0,72; 0,01) were all positive and significant. Therefore, 
Hypotheses 1-3 were supported. The results also revealed 
there were positive influences of attitude ( 0,45; 
0,01), subjective norm ( 0,11; 0,01), and perceived 
behavioural control ( 0,61; 0,01) on adoption 
intention. Thus, Hypotheses 4-6 were supported.  

The support found for these hypotheses indicated that 
consumers' intention toward adoption of SMART GRID 
solutions and technologies is positively associated with their 
evaluation of the consequences of the adoption, perceived 
social pressure from important referents, and perceived control 
over the barriers for the adoption of smart technologies. In 
addition, as can be seen in Fig. 2 the estimates standardised 
coefficients showed that the direct effect of perceived 
behavioural control on adoption intention was greater than 
attitude and subjective norm. Subjective norm has the lowest 
standardised coefficient: such finding is consistent with 
previous study on smart grid adoption intention, which 
employs the TPB [65].  

The variable added to the basic model (RC), is revealed 
indirectly correlated with adoption intention: the variable 
attitude has a mediating role in the relationship between 
resistance to change and adoption intention. Such finding is 
highlighted by the correlation matrix (Table III): looking at the 
row related to resistance to change it is possible to observe 
that the greatest correlation coefficient for such variable 
corresponds with attitude. SEM analysis confirmed this high 
correlation; indeed, the standardised coefficient value between 
RC and attitude is significant and the goodness-of-fit indexes 
of this model were highest than the ones found with the 
hypothesised direct relationship between RC and adoption 
intention. The negative sign confirmed the negative influence 
of RC on adoption intention, which is mediated by attitude: 
the greatest the inertia of consumers, the lowest the attitude, 
and, hence, the lowest the adoption intention. The path 
between RC and AI was eliminated and the one between RC 
and A was added.  
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Fig. 2 Final model. ** 0,01. Note. BB = Behavioural Beliefs; OE = Outcome Evaluation; NB = Normative Beliefs; MC = Motivation to 
Comply; CB = Control Beliefs; PP = Perceived Power 

 
TABLE III 

CONSTRUCT SUMMARY STATISTICS: MEASURE CORRELATIONS, RELIABILITY COEFFICIENTS, AND SQUARE ROOT AVE 

Measure ∑BB*OE ∑NB*MC ∑CB*PP A SN PBC RC BI AVE
1/2
 

∑BB*OE 1 0,71 
∑NB*MC 0,32** 1 0,89 
∑CB*PP 0,58** 0,50** 1 0,7 

A 0,29** 0,37** 0,43** 1 0,83 
SN 0,39** 0,63** 0,55** 0,60** 1 0,67 

PBC 0,27** 0,20* 0,33** 0,25* 0,47** 1 0,47 
RC -0,73 -0,15 -0,14 -0,38** -0,34** -0,94 1 0,68 
BI 0,43** 0,41** 0,58** 0,66** 0,63** 0,42** -0,37** 1 0,79 

Mean 16,15 3,94 5,6 3,69 3,39 3,36 2,96 3,43 

SD 3,68 2,32 2 0,93 0,85 0,93 1,09 0,97 

CR 0,8 0,7 0,8 0,9 0,7 0,6 0,6 0,8   

 
TABLE IV 

STRUCTURAL EQUATION MODELING RESULTS - FINAL MODEL (N=96) 

Paths Coefficients Hypotheses 

BBiOEi → A 0,29** H1: supported 

NBjMCj → SN 0,86** H2: supported 

CBkPPk → PBC 0,72** H3: supported 

RC → A -0,55** Added path 

A → AI 0,45** H4: supported 

SN → AI 0,11** H5: supported 

PBC → AI 0,61** H6: supported 
Goodeness-of-fit statistics: χ2=333,62; df=239; p=0,00005; χ2/df=1,4; 

RMSEA=0,065; CFI=0,96; NFI=0,89; IFI=0,96 
BB = Behavioural Beliefs; OE = Outcome Evaluation; NB = Normative 

Beliefs; MC = Motivation to Comply; CB = Control Beliefs; PP = Perceived 
Power; RC = Resistance to Change; A = Attitude; SN = Subjective Norm; 
PBC = Perceived Behavioural Control; AI = Adoption Intention. 

** 0,01 

V. DISCUSSION AND CONCLUSIONS 

The present study tested the suitability of TPB in explaining 
electricity users' intention formation toward the adoption of 
smart grid solutions and technologies. Bearing in mind that 
this study is work in progress, most of the objectives can be 

considered achieved. Specifically, salient belief items for each 
predictor construct, which are particularly appropriate in the 
adoption of a smart way of consumption, were identified 
through a focus group and literature review. In the analysed 
TPB model, the first six hypotheses were supported. However, 
resistance to change was found indirectly correlated with 
adoption intention, through the mediation of attitude. Thus, the 
last hypothesis was not supported just because the path RC-AI 
was thought to be direct and not mediated. This found is 
coherent with theory: the intention to adopt a new way of 
consumption is negatively influenced by the inertia of the 
user, which acts on his attitude toward the adoption.  

The SEM allowed to determine the loading of each belief 
on its latent variable and, indirectly, on the adoption intention 
(see Table II).  

Four behavioural beliefs were determined from elicitation 
phase: one of them, coinciding with the usability of the 
electricity grid, was revealed to be not significant, while the 
energy saving is the most important of this group of beliefs. 
Looking at salient referents, family showed to have a bigger 
weight than friends. Concerning control beliefs, the 
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accessibility to the grid was found to be not significant, if 
compared with the other beliefs.  

Through SEM, the predictive constructs were validated for 
intention. Particularly, it was found that latent variables of 
beliefs were positively and significantly correlated to their 
predictor constructs (attitude, subjective norm and perceived 
behavioural control), and these lasts with the adoption 
intention. The examination of the estimated standardised 
regression coefficients indicated the effects of antecedent 
variables on adoption intention were asymmetrical. In 
particular, the findings revealed that perceived behavioural 
control had a greater level of influence on SG adoption 
intention than subjective norm and attitude. This implies that, 
to enhance smart grid adoption intention, it could be effective 
for energy managers to increase positive perceived control. As 
the study results indicated, generating strong positive control 
beliefs would contribute to enhancing perceived control. The 
need of information on Smart Grid is highlighted by such 
finding: PBC and control beliefs are the variables related to 
perceived possessed knowledge on the product or service 
object of the survey. Since it is likely that Smart Grid was 
unknown for respondents, the need of information was 
determinant in formation of adoption intention. Because of 
this study, the importance of consumer education and public 
relations of the smart grid can be confirmed [77]. The analysis 
shows that the understanding of the smart grid improves the 
perceived control and, thus, the adoption intention. Consumers 
need to be able to understand reasons, benefits, and impacts of 
the smart grid deployment. The importance of spreading 
information on Smart Grid before asking users to adopt its 
technologies is one key of a successful implementation of the 
smart electricity grid. By doing so users, becoming more 
confident with their energy consumption and conscious of 
their key role in getting savings on the electricity bill, can be 
more available to adopt SG solutions and technologies.  

Attitude was found to be also a significant determinant 
variable of adoption intention. This means that enhancing 
positive attitude through the behavioural beliefs can incite 
users toward the adoption. It is interesting to observe that 
environmental sustainability is the less important behavioural 
belief, among the ones considered: this means that consumers 
are less motivated to adopt SG solutions if the matter is the 
environmental sustainability. Getting energy savings, 
becoming more conscious of own energy consumption and 
purchase lower price electricity are the most significant 
behavioural beliefs.  

The low significance of subjective norm as determinant of 
adoption intention is consistent with findings of previous 
studies on the application of TPB to adoption of new products 
and services [86] and on SG [65]. The relationship might be 
based on the argument that, in the absence of adequate 
information on SG, significant referents might think that a 
decision to adopt its solutions and technologies was unwise. 
For example, someone with a limited knowledge on SG, may 
incur the disfavor of family members who would think that it 
could involve changes in electricity consumption habits not 
supported by the certain opportunity to get energy savings 

and, thus, money savings. 
This study extends previous research on TPB by 

investigating the influence of resistance to change of 
consumers. It was proposed a fourth cause variable of 
adoption intention, that is resistance to change of users, due to 
their behavioural inertia in changing own life habits. Findings 
indicated that such variable did not have a significant 
influence on adoption intention if directly linked with it; RC 
negative influence is significant if mediated by attitude 
variable. This result implies that such behavioural inertia in 
change own life habits is strongly related to attitude, when 
decision-making involves electricity consumption. 

This study provides both theoretical and managerial 
implications for comprehending the determinants of users' 
intention toward the adoption of SG solutions and 
technologies. The results showed that TPB including the 
variable resistance to change had a strong predictive power for 
adoption intention, indicating its applicability to the domain of 
smart electricity users' conscious decision-making. That is, the 
findings provide a solid theoretical basis for the study of 
adoption of "smart" behaviours in the field of energy 
consumption.  

VI. LIMITATIONS AND FURTHER RESEARCHES 

While the present study has combined a number of 
innovative methodological elements from psychology and 
economic analysis of consumer behaviour related to smart 
tools associated with smart cities, it is also subject to a number 
of limitations that can serve as starting points for further 
research.  

The limited number of observations caused some problems 
in the phase of data screening and validation of measurement 
tool. Since the literature suggests that the main survey should 
involve a number of observations, which has to be at least five 
times the number of items, using 38 items questionnaire, the 
present research needs a minimum of 190 observations to 
obtain definite and conclusive results. For this reason, the 
study is considered a pilot survey of future research. Indeed, 
one result is the necessity to revise some of the items 
(particularly for PBC constructs) in order to overcome the 
incongruities identified in the CFA and to get solid results 
from the main survey.  

The second limit is due to the geographical restriction of the 
sampling. The survey was conducted selecting respondents 
randomly in the urban area of Cosenza. Despite this city can 
be considered representative of most middle size cities around 
Europe, in further researches surveys could involve 
respondents of different geographic areas; for example, it 
would be interesting to compare results of the present study 
with the ones gotten from respondents living in different urban 
conditions, such as metropolitan areas. 

The third limit is related to the purely paper-based survey. 
Since this kind of survey does not allow to use any type of 
graphic element, and the availability of respondents and their 
attention in filling questions are strongly conditioned by the 
length of the questionnaire which looks static and annoying. 
Further research could evaluate the possibility to conduct an 
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online survey. 
The fourth limitation concerns the hypothesis of the 

behavioural model employed in this study. Indeed, TPB is 
based on the hypothesis of a rational decisional process of 
consumers and it requires that individuals are motivated to 
perform a given behaviour. This assumption may be 
particularly problematic when studying consumer adoption 
behaviours [86]. SG was unknown for respondents and this 
conditioned the answers, specifically for items related to PBC. 
Furthermore, there was also the difficulty to cannot represent 
SG as a specific service or display some particular product. 
Hence, the stronger relationship of PBC construct with 
adoption intention can be explained with the expected 
importance that the non-volitional factor could have when 
decision involves something does not have any 
correspondence in consumers' imagination. When the 
implementation of SG will be started users will be more 
informed, allowing future studies to analyse changing in the 
relationship of determinants with adoption intention, and it 
will be possible to test the final part of the model through 
observation of users behaviour. 

REFERENCES  
[1] Ajzen, I. (1985). From Intentions to Actions: A Theory of Planned 

Behavior. In J. Kuhl, & J. Beckman (Eds.), Action-Control: From 
Cognition to Behavior (pp. 11–39). Heidelberg: Springer. 

[2] Ajzen, I. (1991). The Theory of Planned Behavior. Organizational 
Behavior and Human Decision Processes, 50(2), 179–211. 

[3] Ajzen, I. (1996). The Social Psychology of Decision Making. In E.T. 
Higgins & A.W. Kruglanski (Eds.), Social Psychology: Handbook of 
Basic Principles, 297 – 328. 

[4] Ajzen, I. (2001). Nature and Operation of Attitude. Annual Review of 
Psychology, 52(1), 27–58. 

[5] Ajzen, I. (2002). Perceived Behavioral Control, Self-Efficacy, Locus of 
Control, and the Theory of Planned Behavior. Journal of Applied Social 
Psychology, 32, 665-683 

[6] Ajzen, I. (2005). Attitudes, Personality, and Behavior (2nd ed.). 
Maidenhead, UK: Open University Press. 

[7] Ajzen, I. (2005). Laws of Human Behavior: Symmetry, Compatibility, 
and Attitude- Behavior Correspondence. In A. Beauducel, B. Biehl, M. 
Bosniak, W. Conrad, G. Schönberger, & D. Wagener 
(Eds.), Multivariate research strategies (pp. 3-19). Aachen, Germany: 
Shaker Verlag. 

[8] Ajzen, I. (2005). Attitudes, Personality, and Behavior (2nd. Edition). 
Milton-Keynes, England: Open University Press / McGraw-Hill. 

[9] Ajzen, I. (2008). Consumer Attitudes and Behavior. In C. P. Haugtvedt, 
P. M. Herr & F. R. Cardes (Eds.), Handbook of Consumer 
Psychology (pp. 525- 548). New York: Lawrence Erlbaum Associates. 

[10] Ajzen, I. (2011). The Theory of Planned Behaviour: Reactions and 
Reflections. Psychology & Health, 26(9), 1113-1127.  

[11] Ajzen, I. (2012). The Theory of Planned Behavior. In P. A. M. Lange, A. 
W. Kruglanski & E. T. Higgins (Eds.), Handbook of Theories of Social 
Psychology (Vol. 1, pp. 438-459). London, UK: Sage. 

[12] Ajzen, I., & Driver, B.L. (1992). Application of the Theory of Planned 
Behavior to Leisure Choice. Journal of Leisure Research, 24 (3), pp. 
207–224 

[13] Ajzen, I., & Fishbein, M. (1980). Understanding Attitude and Predicting 
Social Behavior. Englewood Cliffs, NJ: Prentice-Hall, Inc. 

[14] Ajzen, I., & Madden, T. (1986). Prediction of Goal-Directed Behavior: 
Attitude, Intentions, and Perceived Behavioral Control. Journal of 
Experimental Social Psychology, 22, 453–474. 

[15] Ajzen, I., 2009. A Theory of Planned Behavior. Retrieved from 
http://people. umass.edu/aizen/tpb.html  

[16] Albarracín, D., Fishbein, M., Johnson, B. T., & Muellerleile, P. A. 
(2001). Theories of Reasoned Action and Planned Behavior as Models 
of Condom Use: A Meta-Analysis. Psychological Bulletin, 127(1), 142-
161 

[17] Albayrak, T., Aksoy, S., & Caber, M. (2013). The Effect of 
Environmental Concern and Scepticism on Green Purchase 
Behaviour. Marketing Intelligence & Planning, 31(1), 27-39.  

[18] Al-Gahtani, S. S., Hubona, G. S., & Wang, J. (2007). Information 
Technology (IT) in Saudi Arabia: Culture and the Acceptance and Use 
of IT. Information and Management, 44(8), 681-691.  

[19] Anderson, J. C., & Gerbing, D. W. (1988). Structural Equation 
Modeling in Practice: A Review and Recommended Two-Step Approach. 
Psychological Bulletin, 103(3), 411–423. 

[20] Armitage, C. J., & Conner, M., (1999). The Theory of Planned 
Behaviour: Assessment of Predictive Validity and Perceived Control. 
British Journal of Social Psychology 38, 35–54. 

[21] Armitage, C. J., & Conner, M. (2001). Efficacy of the Theory of Planned 
Behaviour: A Meta-Analytic Review. British Journal of Social 
Psychology, 40(4), 471-499. 

[22] Arvola, A., Vassallo, M., Dean, M., Lampila, P., Saba, A., Lähteenmäki, 
L., & Shepherd, R. (2008). Predicting Intentions to Purchase Organic 
food: The Role of Affective and Moral Attitudes in the Theory of Planned 
Behaviour. Appetite, 50(2-3), 443-454.  

[23] Bagozzi, R. P., & Lee, K. H. (1999). Consumer Resistance to, and 
Acceptance of Innovations. Advances in Consumer Research Volume 
26, pp. 218-225 

[24] Bagozzi, R. P., & Yi, Y. (1988). On the Evaluation of Structural 
Equation Models. Journal of the Academy of Marketing Science, 16, 
74–94. 

[25] Baker, E. W., Al-Gahtani, S. S., & Hubona, G. S. (2007). The Effects of 
Gender and Age on New Technology Implementation in a Developing 
Country: Testing the Theory of Planned Behavior (TPB). Information 
Technology & People, 20(4), 352–375. 

[26] Blue, C.L. (1995). The Predictive Capacity of Theory of Reasoned 
Action and the Theory of Planned Behaviour in Exercise Research: An 
integrated literature review. Research in Nursing & Health, 18, 105–
121. 

[27] Botetzagias, I., Dima, A., & Malesios, C. (2015). Extending the Theory 
of Planned Behavior in the Context of Recycling: The Role of Moral 
Norms and of Demographic Predictors. Resources, Conservation and 
Recycling, 95, 58-67.  

[28] Cardenas, J. A., Gemoets, L., Ablanedo Rosas, J. H., & Sarfi, R. (2014). 
A Literature Survey on Smart Grid Distribution: An Analytical 
Approach. Journal of Cleaner Production, 65, 202-216. 

[29] Chang, M. K. (1998). Predicting Unethical Behavior: A Comparison of 
the Theory of Reasoned Action and Theory of Planned Behavior. Journal 
of Business Ethics, 17, 1825–1834. 

[30] Cheng, S., Lam, T., & Hsu, C. H. C. (2005). Testing the Sufficiency of 
the Theory of Planned Behavior: A Case of Customer Dissatisfaction 
Responses in Restaurants. International Journal of Hospitality 
Management, 24(4), 475–492. 

[31] Cheng, S., Lam, T., & Hsu, C. H. C. (2006). Negative Word-of-Mouth 
Communication Intention: An Application of the Theory of Planned 
Behavior. Journal of Hospitality & Tourism Research, 30(1), 95–116. 

[32] Churchill, G. A. (1979). A Paradigm for Developing Better Measures of 
Marketing Constructs. Journal of Marketing Research, 16, 64–73. 

[33] Cohen, Joel B., Martin Fishbein and Olli T. Ahtolam, 1972. The Nature 
and Uses of Expectancy-Value Models in Consumer Attitude Research. 
Journal of Marketing Research, Vol. 9, No. 4, 456-460 

[34] Conner, M., & Abraham, C. (2001). Conscientiousness and the Theory 
of Planned Behavior: Towards a more Complete Model of the 
Antecedents of Intentions and Behavior. Personality and Social 
Psychology Bulletin, 27(11), 1547–1561. 

[35] Cronbach, L. J. (1951). Coefficient Alpha and the Internal Structure of 
tests. Psychometrika, 16, 297–334. 

[36] Eagry, A. H., & Chailen, S. (1993). Psychology of Attitudes. Fort Worth, 
TX: Harcourt Brace Jovanovich. 

[37] East, R. (2000). Complaining as Planned Behavior. Psychology & 
Marketing, 17(12), 1077–1095. 

[38] East, R., Wright, M., Vanhuele, M., (2008). Consumer Behaviour. 
Applications in Marketing. (pp. 127-148) SAGE Publications of London. 

[39] Faiers, A., Cook, M., & Neame, C. (2007). Towards a Contemporary 
Approach for Understanding Consumer Behaviour in the Context of 
Domestic Energy Use. Energy Policy, 35(8), 4381-4390. 

[40] Fielding, K. S., McDonald, R., & Louis, W. R. (2008). Theory of 
Planned Behaviour, Identity and Intentions to Engage in Environmental 
Activism. Journal of Environmental Psychology, 28(4), 318-326. 

[41] Fishbein, M. A., & Ajzen, I. (1975). Belief, Attitude, Intention and 
Behavior: An Introduction to Theory and Research. Reading, MA: 



International Journal of Business, Human and Social Sciences

ISSN: 2517-9411

Vol:9, No:9, 2015

3041

 

 

Addison-Wesley. 
[42] Fishbein, M., & Ajzen, I. (2010). Predicting and Changing Behavior: 

The Reasoned Action Approach. New York: Psychology Press. 
[43] Ford, J. K., MacCallum, R. C., & Tait, M. (1986). The Applications of 

Exploratory Factor Analysis in Applied Psychology: A Critical Review 
and Analysis. Personnel Psychology, 39, 291–314. 

[44] Fornell, C., & Larcker, D. F. (1981). Evaluating Structural Equation 
Models with Unobservable Variables and Measurement Error. Journal 
of Marketing Research, 18, 39–50. 

[45] French, D. P., & Hankins, M. (2003). The Expectancy-Value Muddle in 
the Theory of Planned Behaviour-And Some Proposed Solutions. British 
Journal of Health Psychology, 8(1), 37-55. 

[46] Godin, G., & Kok, G. (1996). The Theory of Planned Behaviour: A 
Review of Its Applications to Health-Related Behaviors. American 
Journal of Health Promotion, 11, 87–98. 

[47] Hagger, M.S., Chatzisarantis, M. L. D., & Biddle, S. J. H. (2002). A 
Meta-Analytic Review of the Theories of Reasoned Action and Planned 
Behaviour in Physical Activity: Predictive Validity and the Contribution 
of Additional Variables. Journal of Sport & Exercise Psychology, 24, 3–
32. 

[48] Hair, J. F., Anderson, R. E., Tatham, R. L., & Black, W. C. (1998). 
Multivariate Data Analysis (8th ed.). Upper Saddle River, NJ: Prentice-
Hall, Inc. 

[49] Hair, J. F., Black, W. C., Babin, B. J., Anderson, R. E., & Tatham, R. L. 
(2006). Multivariate Data Analysis (6th ed.). Upper Saddle River, New 
Jersey: Pearson Education, Inc. 

[50] Han, H., & Kim, Y. (2010). An Investigation of Green Hotel Customers' 
Decision Formation: Developing an Extended Model of the Theory of 
Planned Behavior. International Journal of Hospitality 
Management, 29(4), 659-668.  

[51] Han, H., Hsu, L., & Sheu, C. (2010). Application of the Theory of 
Planned Behavior to Green Hotel Choice: Testing the Effect of 
Environmental Friendly Activities. Tourism Management, 31(3), 325-
334.  

[52] Hankins, M., French, D., & Horne, R. (2000). Statistical Guidelines for 
Studies of the Theory of Reasoned Action and the Theory of Planned 
Behaviour. Psychology and Health, 15(2), 151-161. 

[53] Hee, S. P. (2000). Relationships Among Attitudes and Subjective Norm: 
Testing the Theory of Reasoned Action Across Cultures. Communication 
Studies, 51(2),162–175. 

[54] Huh, M.H., 2001. Statistics Analysis. Bobmunsa, Seoul. 
[55] Inemek, A., & Matthyssens, P. (2013). The Impact of Buyer-Supplier 

Relationships on Supplier Innovativeness: An Empirical Study in Cross-
Border Supply Networks. Industrial Marketing Management, 42(4), 580-
594.  

[56] Jöreskog, K. G., & Sörbom, D. (1993). LISREL 8: Structural Equation 
Modeling with The SIMPLIS Command Language. Chicago, IL: 
Scientific Software International. 

[57] Kim, D.U., (2008). AMOS A to Z: Structural Equation Modeling for 
Writing Papers. Hakhyunsa, Paju. 

[58] Kim, K. (2008). Analysis of Structural Equation Model for the Student 
Pleasure Travel Market: Motivation, Involvement, Satisfaction, and 
Destination Loyalty. Journal of Travel and Tourism Marketing, 24(4), 
297-313.  

[59] Kim, K.S., (2008). Structural Equation Modeling Analysis. Hannarae, 
Seoul. 

[60] Klein, RB., (1998). Principles and Practice of Structural Equation 
Modeling. New York (NY): Guilford Publications;  

[61] Lam, T., & Hsu, C. H. C. (2004). Theory of Planned Behavior: Potential 
Travelers from China. Journal of Hospitality & Tourism Research, 
28(4), 463–482. 

[62] Laroche, M., Bergeron, J., & Barbaro-Forleo, G. (2001). Targeting 
Consumers who are willing to Pay more for Environmentally Friendly 
Products. Journal of Consumer Marketing, 18(6), 503–520. 

[63] Lee, M. J. (2005). Effects of Attitude and Destination Image on 
Association Members’ Meeting Participation Intentions: Development of 
Meeting Participation Model. Unpublished doctoral dissertation, 
Manhattan, KS: Kansas State University. 

[64] Lee, Y., Yang, C., & Chen, T. (2015). Barriers to Incident-Reporting 
Behavior among Nursing Staff: A Study Based on the Theory of Planned 
Behavior. Journal of Management and Organization 

[65] Litvine, D., & Wüstenhagen, R. (2011). Helping "Light Green" 
Consumers Walk the Talk: Results of a Behavioural Intervention Survey 
in the Swiss Electricity Market. Ecological Economics, 70(3), 462-474. 

[66] Loewenstein, G. F., Weber, E. U., Hsee, C. K., Welch, N. (2001). Risk 

as Feelings. Psych Bulletin, 127, 267-286. 
[67] Madden, T., Ellen, P. S., & Ajzen, I. (1992). A Comparison of the 

Theory of Planned Behavior and the Theory of Reasoned Action. 
Personality and Social Psychology Bulletin, 18(2), 3–9. 

[68] Mah, D. N. Y., van der Vleuten, J. M., Hills, P., & Tao, J. (2012). 
Consumer Perceptions of Smart Grid Development: Results of a Hong 
Kong Survey and Policy Implications. Energy Policy, 49, 204-216.  

[69] Mahon, D., Cowan, C., & McCarthy, M. (2006). The Role of Attitudes, 
Subjective Norm, Perceived Control and Habit in the Consumption of 
Ready Meals and Takeaways in Great Britain. Food Quality and 
Preference, 17(6), 474-481. 

[70] Manstead, A. S. R., & Parker, D. (1995). Evaluating and Extending the 
Theory of Planned Behaviour. In W. Stroebe, & M. Hewstone (Eds.), 
European Review of Social Psychology, Vol. 6(pp.69–96). Chichester: 
Wiley. 

[71] Marques, V., Bento, N., & Costa, P. M. (2014). The "Smart Paradox": 
Stimulate the Deployment of Smart Grids with Effective Regulatory 
Instruments. Energy, 69, 96-103. 

[72] NEWCOMB, T. M. (1953). Social Psychology and Group Processes. 
Annual Review of Psychology, 4, 183-214.  

[73] Nunnally, J. C. (1978). Psychometric Theory. New York, NY: McGraw-
Hill. 

[74] Nye, M., Whitmarsh, L., Foxon, T., (2010). Sociopsychological 
Perspectives on the Active Roles of Domestic Actors in Transition to a 
Lower Carbon Electricity Economy. Environment and Planning A 42, 
697–714. 

[75] Osgood, C. E., & Tannenbaum, P. H. (1955). The Principle of Congruity 
in the Prediction of Attitude Change. Psychological Review, 62(1), 42-
55. 

[76] Owens, S., & Driffill, L. (2008). How to Change Attitudes and 
Behaviours in the Context of Energy. Energy Policy, 36(12), 4412-
4418.  

[77] Park, C. K., Kim, H. J., & Kim, Y. S. (2014). A Study of Factors 
Enhancing Smart Grid Consumer Engagement. Energy Policy, 72, 211-
218. 

[78] Petty, R. E., Haugtvedt, C. P., and Smith, S. M. (1995). "Elaboration as 
a Determinant of Attitude Strength: Creating Attitudes that are 
Persistent, Resistant, and Predictive of Behavior," in Attitude Strength: 
Antecedents and Consequences, (eds.) Richard E. Petty and Jon A. 
Krosnick, Lawrence Erlbaum Associates, Publishers, 93-130. 

[79] Reisinger, Y., & Turner, L. (1999). Structural Equation Modeling with 
Lisrel: Application in Tourism. Tourism Management, 20(1), 71-88. 

[80] Rhodes, R. E., & Courneya, K. S. (2003). Investigating Multiple 
Components of Attitude, Subjective Norm, and Perceived Control: An 
Examination of the Theory of Planned Behaviour in the Exercise 
Domain. British Journal of Social Psychology, 42(1), 129-146.  

[81] Sheppard, B. H., Hartwick, J., & Warshaw, P. R. (1988). The Theory of 
Reasoned Action: a Meta-Analysis of Past Research with 
Recommendations for Modifications and Future Research. Journal of 
Consumer Research, 15, 325–343. 

[82] Sheth, J. N. (1981). "Psychology of Innovation Resistance: The Less 
Developed Concept (LDC) in Diffusion Research", Research in 
Marketing, 4, 273-282. 

[83] Stewart Jr., W. H., May, R. C., & Ledgerwood, D. E. (2015). Do you 
Know What I Know? Intent to Share Knowledge in the US and 
Ukraine. Management International Review 

[84] Streiner, D. L. (2005). Finding Our Way: An Introduction to Path 
Analysis. Canadian Journal of Psychiatry, 50(2), 115-122.  

[85] Streiner, D. L. (2006). Building a Better Model: An Introduction to 
Structural Equation Modelling. Canadian Journal of Psychiatry, 51(5), 
317-324. 

[86] Taylor, S., & Todd, P. (1995). Decomposition and Crossover Effects in 
the Theory of Planned Behavior: A Study of Consumer Adoption 
Intentions. International Journal of Research in Marketing, 12(2), 137-
155.  

[87] Tetlow, R. M., van Dronkelaar, C., Beaman, C. P., Elmualim, A. A., & 
Couling, K. (2015). Identifying Behavioural Predictors of Small Power 
Electricity Consumption in Office Buildings. Building and 
Environment, 92, 75-85.  

[88] Tonglet, M., Phillips, P. S., & Read, A. D. (2004). Using the Theory of 
Planned Behaviour to Investigate the Determinants of Recycling 
Behaviour: A Case Study from Brixworth, UK. Resources, Conservation 
and Recycling, 41(3), 191-214. 

[89] Vasseur, V., & Kemp, R. (2014). The Adoption of PV in the 
Netherlands: A Statistical Analysis of Adoption Factors. Renewable and 



International Journal of Business, Human and Social Sciences

ISSN: 2517-9411

Vol:9, No:9, 2015

3042

 

 

Sustainable Energy Reviews, 41, 483-494.  
[90] Verbeke, W., & Vackier, I. (2005). Individual Determinants of fish 

Consumption: Application of the Theory of Planned Behaviour. 
Appetite, 44(1), 67-82. 

[91] Verbong, G. P. J., Beemsterboer, S., & Sengers, F. (2013). Smart Grids 
or Smart Users? Involving Users in Developing a Low Carbon 
Electricity Economy. Energy Policy, 52, 117-125. 

[92] Zaltman, G. and .Wallendorf, M. (1983). Consumer Behavior: Basic 
Findings and Management Implications, New York: John Wiley & 
Sons. 


